¢77 R\, International
FTTORY L™
\&w Organization

§ European

==— Commission

*
Ol
I

e

Background paper n°10
December 2022

»What has been driving work-to-work
transitions in the emerging world?

A comparative study of Indonesia and South Africa

Background Paper Series of the Joint EU-ILO Project
“Building Partnerships on the Future of Work"




What has been driving work-to-work transitions in the

emerging world? — A comparative study of Indonesia
and South Africa®

Johannes Brehm * Angela Doku * Verénica Escudero §

Abstract

There is little knowledge about the shape, prominence and drivers of work-to-work
transitions in low- and middle-income countries. This paper examines these elements
in the context of South Africa and Indonesia — two middle-income countries with sim-
ilar development levels yet different labour market characteristics. We employ a com-
parative cross-country methodology using long-term panel data. This enables us to
examine work-to-work transitions across and within age cohorts and exploit the panel
structure of the data through a fixed-effects model to identify the drivers of these tran-
sitions. We find that while the prominent transition types differ between the two coun-
tries, younger workers have higher transition rates. Moreover, we find that precarious
forms of employment are persistent: individuals who start their careers at the bottom
of the transition ladder (i.e., in informal work, the agriculture sector or a low-skill occu-
pation) are less likely to transition out of this situation. Finally, we unveil suggestive
evidence that computer and socioemotional skills play a role in encouraging certain
transitions in South Africa and Indonesia, respectively.
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1 Introduction

Transformative changes in labour markets are redefining and possibly multiplying the
work-to-work transitions people experience during their life. Individual-level transitions
represent today a key element of labour markets around the world. Still, there is little
knowledge regarding the shape and prominence of these transitions, and the implications
they have for the development of decent work, career and life trajectories, in low- and
middle-income (LMIC) countries. In this paper, we examine these elements comparatively
in two middle-income countries: Indonesia and South Africa.

The literature shortage in LMIC is partly due to how we define and interpret transi-
tions, which has evolved significantly over time. The prevailing labour economic litera-
ture of the 1990s largely understood transitions as the individual’s movement from one
labour market status to another, such as from unemployment to employment or from ed-
ucation to the world of work. Conversely, contemporary definitions of transitions include
a wider set of phenomena including the different moves faced by people throughout their
working lives, and within these transitions, the shift between various working conditions
and working relations. For some of these transitions, the most traditional ones, there is
a significant body of academic research. For example, there is a meaningful amount of
literature on school-to-work transitions and transitions between employment and unem-
ployment in the advanced world.! We also find literature on school-to-work transitions
within developing and emerging economies,” and there also exists some literature on the
transition from unemployment to employment within this context.?

We expect these factors to shape transitions in different ways outside of high-income
countries, which implies that the findings from the literature can hardly be generalized
across diverse country contexts. For example, temporary employment may take the form
of casual employment in LMIC, which is often located within the informal sector (ILO,
2018). We can expect transitions from casual informal employment to permanent for-

mal employment to be different from the patterns observed in high-income economies.

'See for example Atkinson and Micklewright (1991), Branson and Leibbrandt (2013), Duryea et al. (2007),
Glewwe et al. (2017), Jones and Riddell (1999), Jones and Riddell (1995), Osberg (1993), Pugatch (2018),
Quintini and Martin (2014), and van den Berg (1990).

2See for example Branson and Leibbrandt (2013), Duryea et al. (2007), Glewwe et al. (2017), Pugatch (2018),
and Quintini and Martin (2014).

3See for example Byrne and Strobl (2004), Kingdon and Knight (2004), and Sahin and Kizilirmak (2007).



Country-specific assessments of work-to-work transitions in LMIC are thus needed. One
important component of these assessments, for which there is indeed some relevant liter-
ature outside the high-income world, are movements from informal to formal work. For
example, McCaig and Pavcnik (2015) find that in Vietnam, individuals who are younger,
urban, male, and have a higher level of education are more likely to switch to formal work,
highlighting the difficulty of individuals in marginalised groups to make the switch.*

Analyses of more comprehensively defined work-to-work transitions are rare in middle-
income countries, and when available, the literature suffers limitations. In addition to
some research being inconclusive, most studies analyse a single country, which makes
them difficult to generalize to other middle-income country contexts. Moreover, to be able
to assess transitions, the analysis must track individuals over time. Longer panels cap-
turing more years of an individual’s life would allow for observing when transitions take
place and assessing the permanency of transitions. However, long-term panel data are
scarce outside high-income countries, and the panels that do exist are often short, limiting
the conclusions of such analyses. To counteract these limitations, we employ a compara-
tive cross-country methodology in two major middle-income economies, namely Indone-
sia and South Africa, using rich and long-term panel data. The analysis is conducted in
the form of a comparative study to provide insights into the drivers of work-to-work tran-
sitions in countries of similar development levels, yet different labour market character-
istics. We have also selected these countries given the availability of large and nationally
representative individual-level panel datasets —i.e., the National Income Dynamics Study
(NIDS) in South Africa with its five waves of panel data from 2008 to 2017, and the Indone-
sian Family Life Survey (IFLS), which has five waves of data from 1993 to 2014/15. Both
countries are among the few in their respective regions in which we can study life-cycle
transitions at the individual and cohort levels, counteracting the major data availability
and accessibility challenge for the empirical assessment of work-to-work transitions.

The multifaceted approach towards transitions as per the contemporary debate opens
three questions that this paper aims to answer: What are the prominent work-to-work tran-
sitions for people in different labour market contexts within LMIC? At what stage during

their working lives are they happening (e.g., what are the crucial stages for transitions)?

*see also O’'Higgins et al. (2021) who find similar results in Vietnam in their study, Gutierrez et al. (2019)
whose study focuses on Bangladesh and Vega Nuiiez (2018), who investigates informality in Ecuador



Which implications do these transitions have with regard to the movement towards decent
work?

We find that both countries exhibit important mobility patterns across and within age
cohorts. Across cohorts, both countries appear to be experiencing a shift in employment
status, whereby younger cohorts are increasingly absorbing employee jobs, which also
appear to be of better quality (formal and performing higher-skilled occupations). How-
ever, in Indonesia, this shift is more diffused than in the case of South Africa, because it
has been occurring over a longer time frame. For South Africa, the transitions have to be
evaluated against the backdrop of high unemployment, which is particularly pronounced
for younger age cohorts. Focusing on the transitions individuals experience during their
working lives, our analysis points to the presence of considerable working mobility in
South Africa during the study period, notwithstanding the large literature on rigidities in
the South African labour market, but in line with findings from other longitudinal stud-
ies (Banerjee et al., 2008; Cichello et al., 2014; Essers, 2016). In comparison, the incidence
of these transitions is lower in Indonesia within cohorts, but transitions have increased
drastically over time and are more prominent now. We find that most transitions between
employment statuses happen, naturally, at the very beginning of the individuals’ careers
in both countries.

In South Africa, transitions between employment statuses, however, are the least preva-
lent type of transition. There is much more mobility between formal and informal work
than there is between employment statuses in the country. Most of these transitions are
out of informality and towards formal jobs, and this type of mobility, though more preva-
lent at the beginning of people’s careers, remains high at other stages of people’s working
lives. In contrast, in Indonesia, where a much higher incidence of informality characterizes
the labour market, the rate of transitions is lower compared to those in South Africa for all
cohorts. This reflects the stickiness of informality in the country. Despite the low mobility
between formal and informal work in Indonesia, most of the transitions that occur are out
of informality. Meanwhile, transitions between employment statuses are the most preva-
lent type of transition in Indonesia (more people transition between employment statuses
than between occupations or the formality/ informality of work), where most people shift

from their own account worker to employee status, followed closely by transitions across



sectors.

We also observe relatively important mobility between sectors and occupations in both
South Africa and Indonesia. In South Africa, shifts between the skill level of occupa-
tions are the most prevalent type of transition, where most transitions occur from lower
to higher skill-level occupations among individuals in the younger cohorts. Meanwhile,
individuals in older cohorts (but also as younger cohorts get older) start transitioning
back from higher to lower skill-level occupations. Shifts between economic sectors are
less prevalent in the country, but we do observe some mobility from industry to services
and vice versa. In Indonesia, while there is mobility between occupations” skill levels,
people shift occupations much less than they shift economic sectors and employment sta-
tuses. Moreover, unlike in South Africa, barely half of the transitions between occupations’
skill levels occur from lower to higher skill-level occupations. In terms of shifts between
economic sectors, most transitions are from industry to services, but other transitions are
also relevant, especially those from services to agriculture, from agriculture to services and
from services to industry.

Lastly, when assessing the drivers of individuals’ transitions from wave to wave through
a fixed effects model with covariates, we confirm that younger individuals transition more
than older individuals in both countries. Also, we find that transitions have a nonlinear
relationship with age, which displays an inverse-U shape, where people tend to decrease
their transition rate during prime age. Other than younger age, we find that precarious
forms of employment are persistent. In particular, individuals who start their careers at the
bottom of the transition ladder (i.e., in informal work, the agriculture sector or a low-skill
occupation) are less likely to transition out of this situation. Finally, we unveil suggestive
evidence that computer skills and socioemotional skills play a role in encouraging certain
types of transitions in South Africa and Indonesia, respectively.

The remainder of the paper is structured as follows. Section 2 briefly outlines the devel-
opment patterns of the two countries during the last two decades and describes the nature
of their overall labour markets. This section provides the context for our study of work-to-
work transitions. Section 3 describes the research methods and data used in the paper. The
analysis of work-to-work transitions is presented thereafter. Section 4 reviews how work-

ers from different age cohorts have transitioned over time and what the crucial stages of



transition are. Section 5 takes this analysis one step further. Using the panels of IFLS and
NIDS, which allow us to follow individuals for a period of around 20 and 10 years, respec-
tively, we assess how individuals within a given cohort experience different work mobility
patterns. This allows us to identify the frequency and direction of transitions in each age
cohort, as well as the permanency of transitions during individuals” working lives over
a longer time horizon than is usually studied in the transitions literature. Then Section
6 assesses whether different switching behaviour of workers across age cohorts may re-
flect differences in worker characteristics other than age (e.g., education, skills, etc.) and

identifies these drivers. Finally, Section 7 discusses the results and concludes the study.

2 Background: Growth and development patterns in Indonesia

and South Africa

Indonesia and South Africa make interesting cases for the analysis of work-to-work tran-
sitions, especially from a comparative perspective. Both countries face a scarcity of decent
jobs, due to slow job creation and segmentation of the labour market between workers who
can access high-skilled jobs, usually of better conditions, and workers who cannot. Mis-
matches between labour supply and demand are also profound in both countries, mainly
due to shortages of skilled labour. The reasons for these common challenges, however,
differ between both countries. The diverse nature of their labour markets brought about
by their distinct economic and societal transformations, are thus particularly informative
to understand the mechanisms and drivers of work-to-work transitions.

In Indonesia, the labour market is characterized by slow job growth, high levels of
labour underutilization and high levels of informal employment (Allen, 2016). Recent re-
search indicates that there are low transition rates towards permanent work. In particular,
there is a lack of mobility from self-employment (which in the country is largely char-
acterized by inadequate working conditions, such as lack of benefits and protection) to
permanent forms of employment (Naidoo et al., 2015). South Africa’s labour market is
characterized by high rates of unemployment and low rates of underemployment and in-

formal employment, relative to other countries at similar income levels (Fox et al., 2013;



Kingdon and Knight, 2004).° Meanwhile, the formal sector suffers from labour demand
and supply mismatches, mainly driven by a severe skills shortage, a product of the slug-
gish transformation of the education system. The country has experienced a steep increase
in demand for high-skilled workers associated with the services-led structural transforma-
tion of the last two decades (Bhorat ef al., 2020b). To illustrate these patterns in more detail,
Table 1 and 2 compare key labour market indicators for the two countries between 1995
and 2019.

Both South Africa’s and Indonesia’s labour force participation rates (LFPR) have re-
mained relatively stable during the last two and a half decades, with Indonesia display-
ing a higher participation rate (i.e., in 2019, South Africa’s LFPR was 56.1 percent, while
Indonesia’s was 68.0 percent). The large gender gap in South Africa’s LFPR has been nar-
rowing over time, as the male LFPR has been decreasing while that for women has been
increasing (Table 2). Indonesia has also seen a higher LFPR for women over time, and the
country displays a higher LFPR for women compared to South Africa. The level of unem-
ployment, however, is remarkably different between the two countries. The post-apartheid
South African labour market is characterized by a very high unemployment rate, where
strong gender inequalities come to the fore (more than a 10 percentage point difference in
1995) (Banerjee et al., 2008). While gender differences have been declining, women remain
more likely to be unemployed (30.5 percent compared to 26.8 percent for men in 2019,
see Table 2). Meanwhile, Indonesia’s unemployment rate is low, at 3.6 percent in 2019
compared to South Africa (28.5 percent), despite an increase following the 2005 and 2006
natural disasters.

In Indonesia, the higher level of LFPR and lower unemployment is absorbed by a
higher level of informal employment. Indeed, the informal sector is large in Indonesia
— 80.4 percent of individuals were employed informally in 2019, compared to 34.7 percent
in South Africa® — and it acts as a secondary option for individuals who cannot obtain for-
mal sector jobs (Comola and Mello, 2011). As such, efforts to foster transitions to decent

work can be hindered by the dualistic labour market structure of the country (e.g., changes

5In 2019, informal employment was estimated at 34% in South Africa, while elsewhere in Sub-Saharan Africa
informality is essentially the norm. In contrast, unemployment was estimated at 29%, which is around 20
percentage points higher than the unemployment rate in Sub-Saharan Africa (ILO modelled estimates).

®We use in this section the definition of informality employed by ILO statistical guidelines (ILO, 2003), in
line with ILO Recommendation 204 on the Transition from the Informal to the Formal Economy (ILO, 2015)



Table 1: Key labour market indicators for South Africa and Indonesia, 1995-2019

South Africa Indonesia

Indicators ‘95 ‘00 ‘05 ‘10 ‘15 19 95 ‘00 ‘05 ‘10 ‘15 ‘19
Labour Force Status (%)

Employed 393 388 39.1 395 415 401|634 631 588 634 635 655

Unemployed 168 166 161 130 139 160| 31 41 51 38 30 25

Outside labour force 439 446 448 475 446 439|335 328 361 328 335 320
Labour force participation rate | 56.1 55.4 552 525 554 56.1|665 672 639 672 665 68.0
Unemployment rate 299 299 291 247 251 285| 46 61 80 56 45 36
Informal employment rate* - - - 341 339 347 | - - - - 843 804
Status in employment (%)

Employees 829 817 80.8 844 854 837|330 328 382 398 49.0 482

Employers 69 76 78 56 52 57|14 23 30 29 35 35

Own-account workers 86 93 108 94 89 101 |477 448 408 395 332 351

Contributing family workers | 1.5 15 06 09 06 0.6 |179 201 180 178 143 131
Sector employment (%)

Agriculture 111 99 70 48 56 53 |440 453 440 391 33.0 285

Industry 279 272 262 244 238 223|184 174 188 187 220 224

Services 609 628 66.7 708 706 724|376 373 372 422 449 49.1
Occupations™ (%)

Skill level 1 (low) - 242 238 285 30.1 291|313 - 175 146 177 178

Skill level 2 (medium) - 525 520 465 473 473|614 - 745 768 719 70.1

Skill level 3 and 4 (high) - 216 23.8 248 225 234 | 57 - 76 81 98 116

Notes: Categories do not necessarily sum to 100 as the share of ‘not classified” is omitted. All clas-
sifications follow ILOSTAT definitions. Blanks indicate that no data is available. For the skill level of
occupations, please see footnote 7. +South African and Indonesian first columns on employment shares
by occupation correspond to the years 2000 and 1994, respectively. *We report informality rates by sex for
South Africa and Indonesia in 2016, instead of 2015, due to a lack of such data in 2015. Informality estimates
from ILOSTAT were calculated using each country’s labour force survey. Source: ILOSTAT explorer.

in minimum wage legislation in 2001, ibid). In stark contrast, South Africa is considered
a regional and international outlier, having a small informal sector, relative to its middle-
income counterparts (Kingdon and Knight, 2007). Barriers to entry to the informal sector
(e.g., licensing and restrictive by-laws; poor access to capital, credit, and land; crime; and
high transport costs) — partially due to legacies from apartheid — are named as possible
reasons why the informal sector does not act as a cushion for the lack of jobs (Essers, 2016;
Kingdon and Knight, 2007). Another explanation is that informality is hidden by an out-
burst of “casualized /informalized” arrangements in the formal sector, whereby work is
outsourced to labour brokers and subcontractors (Zizzamia, 2020) — close to 14 percent of
total employment growth between 1995 and 2016 was outsourced and subcontracted (Bho-

rat et al., 2016). Women and youth make up the larger share of individuals with informal

employment in both countries (Table A.1 of the appendix).



Table 2: Key labour market indicators for South Africa and Indonesia by sex, 1995, 2015 and 2019

South Africa Indonesia
Male Female Male Female

Indicators 95 ‘15 ‘19 9% ‘15 ‘19 95 ‘15 ‘19 95 ‘15 ‘19
Labour Force Status (%)

Employed 51.8 48.0 46.1 275 352 345|796 786 791 474 484 520

Unemployed 180 145 168 156 134 151 | 34 38 31 28 22 138

Outside labour force 302 375 371 569 514 504|170 176 178 498 494 462
Labour force participation rate | 69.8 625 629 43.1 486 49.6|83.0 824 822 502 506 538
Unemployment rate 258 232 268 361 275 305| 34 46 38 47 44 34
Informal employment rate* - 324 333 - 358 364| - 84 794 - 858 818
Status in Employment (%)

Employees 854 835 813 784 879 867|374 536 53.0 294 416 410

Employers 76 74 80 58 22 27|22 46 45 09 18 19

Own account workers 59 88 104 136 90 97 |516 361 366 310 284 329

Contributing family workers | 1.1 04 03 22 08 09 | 88 58 59 387 282 242
Sector (%)

Agriculture 121 67 65 94 42 38 |44.0 333 299 439 326 364

Industry 347 331 304 159 11.7 120|199 259 261 16.0 158 16.7

Services 532 602 63.1 746 840 842|361 408 44.0 401 516 57.0
Occupation™ (%)

Skill level 1 (low) 18.8 253 24.0 322 362 355|264 198 199 392 143 148

Skill level 2 (medium) 585 526 524 43.6 404 409|658 706 688 544 740 721

Skill level 3 and 4 (high) 203 21.8 233 237 233 236 | 58 88 107 55 115 131

Notes: Categories do not necessarily sum to 100 as the share of ‘not classified” is omitted. All classifications
follow ILOSTAT definitions. Blanks indicate that no data is available. For the skill level of occupations,
please see footnote 7. TOccupation data for Indonesia is only available in 1994 and then from 2007 onwards
(the latest year available is 2019), in South Africa, the earliest data is available in 2000. *Informality data
for South Africa corresponds to the years 2010, 2016 and 2019; for Indonesia to 2016 and 2019. Informality
estimates from ILOSTAT were calculated using each country’s labour force survey.  Source: ILOSTAT
explorer.

The two countries also portray considerably different employment structures, with im-
portant implications for the possible work-to-work transitions as will be observed in sec-
tion 4. In South Africa, most of the employed individuals are waged employees (83.7
percent in 2019), while self-employment (defined in the country by a combination of own-
account workers and employers) plays a less important role (10.1 and 5.7 percent, respec-
tively). In Indonesia, the share of waged employees has been rising over the past few
years but is still considerably lower (48.2 percent in 2019). Meanwhile, the share of own-
account workers remains relatively high, though declining over time (35.1 percent). In
South Africa, the rise of the share of employees seems to largely be driven by women,
while in Indonesia, the rise of this share is being driven mainly by youth and prime-aged

workers (as the share of both male and female employees have increased in the country;



see Table 2 and Table A.1 of the Appendix). Compared to South Africa, contributing family
workers play a much stronger role in the Indonesian labour market, albeit declining. It is
important to note that the shares of own-account workers and contributing family workers
have markedly decreased in the 24 years to 2019 (by about 13 and 5 percentage points, re-
spectively), giving way to a larger share of waged employees. Gender differences continue
to exist, however, with the share of women among contributing family workers reaching
almost five times higher than that of males in the same year.

In terms of the sectoral composition of employment, the share of employment in agri-
culture has been declining for both countries over the past two decades. Nevertheless,
the agricultural sector still employed 28.5 percent of the workforce in Indonesia in 2019,
while in South Africa, it employed only 5.3 percent. The industrial sector employed sim-
ilar shares of workers in South Africa and Indonesia in the same year (22.3 and 22.4 per-
cent, respectively). However, in Indonesia, the industrial sector has expanded. In partic-
ular, after the earthquake in 2006, there was a shift from employment in the (low-wage)
agricultural sector towards the construction sector, due to the increase in the demand for
workers in sectors, which produced non-tradable goods following the environmental dis-
aster (Kirchberger, 2017). Meanwhile, South Africa has been undergoing a long-term de-
industrialization for the past two decades (Bhorat ef al., 2020c; Rodrik, 2008). While the
industrial sector employed 27.9 percent of the workers in 1995, this share decreased to 22.3
in 2019. The declining share of industrial employment has been particularly pronounced
for women. Meanwhile, the services sector has expanded considerably, employing 72.4
percent of workers in 2019, compared to 60.9 percent in 1995. Here, the increase is again
particularly pronounced among women: in 2019, 84.2 percent of working women were
employed in the service sector. Employment in the services sector has also increased in
Indonesia, but at its peak in 2019, it stood at only 49 percent.

The expansion of the services sector and the collapse of the manufacturing industry
during the 2000s have brought about a proliferation of low-paid jobs in South Africa (Bho-
rat et al., 2020a). In fact, some authors argue that to the extent that job creation for the most
vulnerable has occurred, it has mostly consisted of precarious forms of employment in
low-skill service and retail sectors. These patterns point to important work-to-work tran-

sitions to consider within both countries, which are looked at in the following sections.
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Meanwhile, the shares of individuals employed in occupations with different skill levels”
are an interesting prior.

Following the global financial crisis of 2008, South Africa experienced a simultane-
ous decrease in the share of employment in medium-skilled occupations and an increase
in that of low-skilled occupations. While the share of men in low-skilled occupations in-
creased considerably over the timespan considered (from 18.8 percent in 2000 to 24 percent
in 2019), women remain much more likely to be employed in low-skilled occupations (35.5
percent in 2019). Employment in high-skilled occupations gradually increased but has re-
cently been falling again (23.4 percent in 2019). The South African labour market is thus
segmented between workers who can access high-skilled jobs and workers who cannot,
as well as groups that are able to access jobs of good quality and groups that are not (Es-
sers, 2016). Though the South African labour market also presents some mobility, it is
submerged by a deep wage polarization and one of the highest levels of income inequality
in the world (Bhorat et al., 2020b). Understanding what drives transitions to better jobs is
thus of significant importance in South Africa.

By contrast, likely due to rapid industrialization, Indonesia has seen a large increase
in the share of individuals in medium- and high-skilled occupations from 1994 to 2019.
Meanwhile, the share of workers in low-skilled occupations has decreased. This has mainly
been driven by a fall in the share of women (by close to 25 percentage points) working in
low-skilled occupations, although the share of men has also fallen (by close to 7 percentage
points). Throughout the period, more and more women have moved to medium-skilled
occupations and, to a lesser extent, to high-skilled occupations. On the demand side, In-
donesia’s information technology sector has developed rapidly since the 2000s, changing
the skills demanded by the labour market (Tentua and Winarko, 2020). However, some au-
thors sustain that the country has seen important increases in education levels, which are
not necessarily in line with the skills needs of the economy (Manning and Pratomo, 2018).
These major economic and societal transformations have led to various mismatches in the

labour market, such as shortages of skilled labour, particularly of semi-skilled blue-collar

"The skill level of occupations “is defined as a function of the complexity and range of tasks and duties to
be performed in an occupation” (ILO, 2012). Skill level 1 (low-skilled occupations) contains ‘elementary
occupations’, skill level 2 (medium-skilled occupations) encompasses ‘plant and machine operators, and
assemblers’, ‘craft and related trades workers’, ‘skilled agricultural, forestry and fishery workers’, ‘service
and sales workers” and ‘clerical support workers’. Finally, skill level 3 and 4 (high skilled occupations)
encompass ‘technicians and associate professionals’, ‘professionals” and ‘managers’ (ILO, 2012).
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workers, and skill mismatches, notably concerning IT skills. Therefore, the case of Indone-
sia is particularly informative to understand how major transformations affect transitions,
as well as the role of skills in equipping individuals with the tools to respond effectively

to these transformations.

3 Methodology and data

3.1 Data

For the analysis of work-to-work transitions in Indonesia, we use data from the five waves
of the Indonesian Family Life Survey (IFLS). The IFLS is a large-scale socio-economic lon-
gitudinal survey, spanning about twenty years. The sample represents around 83 percent
of the Indonesian population living in 13 of the 27 provinces (Mani et al., 2018). The first
wave (IFLS1) started in 1993, interviewing 7,224 households and collecting individual-
level data for more than 22,000 individuals. Wave 2 was then carried out in 1997 /98; wave
3 in 2000; wave 4 in 2007/08, and wave 5 in 2014/15. The IFLS collects extensive infor-
mation at the individual, household, and community levels, on demographics, education,
health, employment, household expenditures, migration, etc.

For the analysis of South Africa, we use the five waves of the publicly available section
of the National Income Dynamics Study (NIDS) database. This longitudinal survey began
in 2008 with a nationally representative sample of over 28,000 individuals living in 7,300
households across the country.® The survey follows these same household members every
two years. Wave 1 was conducted in 2008, wave 2 in 2010/11, wave 3 in 2012, wave 4
in 2014/15 and wave 5 in 2017. The NIDS examines the livelihoods of individuals and
households over time. Themes include changes in poverty and well-being; household
composition and structure; fertility and mortality; migration; labour market participation
and economic activity; human capital formation, health and education; vulnerability and
social capital.

There are two caveats to take into account. First, long term panel data underestimates
the number of transitions people experience in between waves. This situation is more pro-

nounced for Indonesia as the longer the time elapsed between waves, the larger the un-

$Selective attrition became an issue in wave 5 (particularly amongst affluent respondents). A top-up sample,
alongside post-stratification weights, was used to resolve the representativeness issue.
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observed working mobility. This time-aggregation bias is common when assessing labour
market flows where time intervals are discrete (Samaniego and Viegelahn, 2021). While it
is unavoidable in our case, we do not expect this to bias our results in a particular direction,
such that we believe our findings hold but are an underestimation of the true trends.
Second, sample attrition is often a concern. If non-attritors and attritors systematically
differ in the outcome variables of interest and attrition is found to be non-random, a solu-
tion is to create inverse probability weights which adjust for sample attrition (Fitzgerald
et al., 1998; Wooldridge, 2010). Fortunately, in the case of South Africa, NIDS has released
panel weights along with the data, which are intended to correct for bias resulting from
non-random attrition between wave 1 and subsequent waves (Branson and Wittenberg,
2019). The IFLS similarly has cross-sectional and panel weights, designed to correct attri-
tion and sampling design. The panel weights adjust the original survey design to ensure
that the weighted distribution of households who remain in the sample (non-attritors) is
comparable to the cross-sectional distribution of households in the first wave. The panel
weights in the IFLS, though, are only included for individuals who are present in all five
waves. In Appendix B we provide detailed attrition analyses and show that applying panel
weights produces attrition test results that generally indicate that attrition is random for
the NIDS while they decrease the bias for the IFLS. Consequently, we apply these weights

in our analysis.

3.2 Research methods

In the following sections, we empirically identify the shape and prominence of work-to-
work transitions across and within birth cohorts, allowing us to determine their crucial
stages (e.g., whether such transitions happen more at specific ages over the life course).
Ultimately, the objective is to use the empirical results to systematically characterize work-
to-work transitions within a framework and identify what drives these transitions and
their implications regarding movements to decent work. To achieve this, we focus on two
aspects of work-to-work transitions: first, we consider movements between the employ-
ment of different characteristics, such as transitions between different employment sta-
tuses and changes between sectors and occupations, focusing on age. Second, we assess

transitions by considering additional potential drivers, such as skills.
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We start our analysis by assessing transitions across age cohorts. Through this analy-
sis, we want to observe how workers of different age cohorts differ in their work mobility
by exploiting the large and representative cross-sectional data for both countries, which
allows us to follow cohorts over time. Cohorts are based on respondent age in 2007 for
Indonesia (wave 4 of the survey) and in 2008 for South Africa (wave 1 of the survey), so
we can observe comparable cohorts between the two countries. This first part of the anal-
ysis (Section 4) illustrates differences in the composition of employment status, as well as
in the economic sector, informality and occupational skill levels of the jobs held by differ-
ent cohorts. This allows us to determine whether differences arise from across or within-
cohort variations. Additionally, workers within a given cohort may experience different
transitions. In Section 5, we exploit the individual-level panels available in our data for
Indonesia and South Africa to illustrate these different transitions and study how workers
actually sort between these different types of employment. This also allows us to establish
the crucial stages of transitions, their frequency, and the permanency of those transitions.

After assessing transitions across and within birth cohorts, we assess the factors driv-
ing the transitions observed in sections 4 and 5. Different switching behaviour of workers
across age cohorts may reflect differences in worker characteristics other than age, such as
education, skills, etc., as well as the interaction of these factors with the characteristics of
the country’s labour market. Section 6 empirically assesses these questions. A series of
fixed effect models identify individual and cohort factors that drive labour market tran-
sitions and characterize individuals who do not transition between sectors, occupations,

nature of employment or status in employment.

4 Differences in labour market characteristics across and within

birth cohorts

What is the role of age cohorts in the changing composition of labour market characteristics
over time in South Africa and Indonesia?

In South Africa, young workers starting their working lives between 2008 and 2017
(aged 15-24 in 2008, then 24-33 in 2017) are more likely to work as employees (and less
likely to be self-employed), than any other cohort, whether prime age (25-54 in 2008) or the
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older, exiting cohort (55-64 in 2008). Results are displayed in figure 1 and in table C.1 of the
appendix. Within the two younger cohorts, around 90 percent of workers were employees
in 2017, compared to somewhere between 84 and 59 percent for the older cohorts in the
same year.

If we compare cohorts when they have the same age using the different waves (e.g. the
youth cohort aged 24-33 years in 2017 with the prime 1 cohort aged 25-34 years in 2008),
we can observe that the younger the cohort, the higher the share in the employee status
category relative to the following age cohort (see grey arrows in figure 1). Likewise, the
younger the cohort, the lower the share in the self-employment status category, relative
to the following age cohort (table C.1 of the appendix). This supports the idea of a shift
in employment status across cohorts, whereby younger cohorts are increasingly absorbing
employee jobs.

Figure 1: Share of workers with an employee status or formal working status in South Africa, by
age cohort
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Notes: The figure exhibits the evolution within each cohort in the share of workers who were employees or had
a formal working status between 2007 (W4) and 2014 (W5). Age cohorts were fixed in 2007 (weights applied),
which means that workers aged 15 to 24 in wave 4 (2007) were 22 to 31 in wave 5 (2014), and so on and so
forth for the other cohorts. The grey arrows compare people from different cohorts when they had the same
age. Source: authors elaboration based on NIDS.

While our interest is in work-to-work transitions in this paper, we should not forget
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that the South African labour market is characterized by high unemployment. Figure 2
displays the labour force status by age cohorts in South Africa for the first survey wave in
2008. While there is an important increase (of over 33 percentage points) in the share of
people in the youth cohort who were in employment between 2008 (when they were 15
to 24 years old) and 2017 (when they were 24 to 33 years old), the share of people in the
same cohort who became unemployed also increased. As such, it seems important to take
unemployment into account in the case of South Africa, even if the bulk of the analysis is

on work-to-work transitions.

Figure 2: Share of workers by labour force status in South Africa, by age cohort
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Notes: The figure exhibits the evolution of each cohort in their status in the labour market (employed, unem-
ployed or inactive, which means outside the labour force) between 2007 (W1) and 2017 (W5). Age cohorts are
fixed in 2008 (panel weights applied), which means that workers aged 15 to 24 in wave 1 (2008) were 24 to 33
in wave 5 (2017), and so on and so forth for the other cohorts. Source: authors elaboration based on NIDS.

The higher shares of employee status amongst younger cohorts are associated with a
large within-cohort decrease of employment in agriculture, a smaller but still significant
decrease of employment in industry, compounded by a steep within-cohort increase of em-
ployment in services (table C.1 of the Appendix). These trends hold for other age cohorts.
All cohorts experienced large increases in employment in services across time, and most

cohorts (except those in the older age group) experienced decreases in the share of em-
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ployment in agriculture. Interestingly, only the youth and older cohorts showed decreases
in employment in industry, while the prime age cohorts maintained their shares relatively
unchanged.

What does the switch of younger cohorts towards employee jobs and towards the ser-
vices sector mean in terms of work quality? In terms of the formality of jobs, the first
proxy of working conditions, figure 1 illustrates that younger cohorts experienced greater
within-cohort job formalization over the decade analysed than older cohorts. Still, most
cohorts (but the eldest) benefited from job formalization. This formalization of the work
carried out by younger cohorts can be observed relative to older cohorts in 2017, but also
when comparing cohorts over time (i.e., different cohorts when they had the same age as
shown by the grey arrows in the figure).

The skill level of occupations supports the idea of a shift of younger cohorts towards
not only different jobs but potentially better ones. There is a general increase in the skill
level of occupations within cohorts between 2008 and 2017. Figure 3 highlights that each
birth cohort has seen a decrease in their share of low-skilled occupations, offset by in-
creases in medium- but mostly high-skilled occupations. This is surprising given findings
from Section 2, which point to an overall increase in the share of workers in low-skilled oc-
cupations. The answer is in the distribution of these jobs across cohorts. Across-cohort em-
ployment is concentrated among medium-skilled occupations. There is a palpable rise in
the share of high-skilled occupations (encompassing technicians, professionals, and man-
agers), and a fall in the share of low-skilled occupations (containing elementary occupa-
tions) for the two youngest and the eldest cohorts. Findings from Bhorat ef al. (2020a)
note that the service-led structural transformation has resulted in a simultaneous prolifer-
ation of low-skilled occupations (cleaning, security services) and high-skilled occupations
in business, finance and communication services, further deepening inequality in South
Africa. Our cross-cohort findings imply then that prime-age workers are disproportion-
ately occupying these low-skilled occupations, while the two youngest and the eldest co-
horts are securing jobs in higher-skilled occupations.

It is noteworthy that the younger cohorts have higher comparative shares of medium-
skilled occupations and growing shares of high-skilled occupations despite their new ca-

reer paths. At a similar age, younger cohorts have higher shares of jobs in higher-skilled
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occupations than older cohorts. For example, 22 percent of workers aged 24-33 years in
2017 are employed in high-skilled occupations, compared to 16 percent of workers of the
same age (25-34 years) in 2008 (the previous cohort), and so on and so forth.

Figure 3: Share of workers in low-, medium-, and high-skill level occupations in South Africa, by
age cohort
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Notes: The figure exhibits the evolution of each cohort in their share of workers in each of the three skill levels
of occupations (low, medium, and high) between 2007 (W1) and 2017 (W5). Age cohorts are fixed in 2008
(panel weights applied), which means that workers aged 15 to 24 in wave 1 (2008) were 24 to 33 in wave 5
(2017), and so on and so forth for the other cohorts. Source: authors elaboration based on NIDS.

Indonesia also appears to be experiencing a shift in employment status across cohorts,
whereby younger cohorts are increasingly absorbing employee jobs. However, this shift is
more diffused than in the case of South Africa, possibly because it has been occurring over
a longer time frame. Young workers that start their careers somewhere between 2007 and
2014 (aged 15-24 in 2007, then 22-31 in 2014) have higher employee shares and lower own-
account worker shares than any other cohort (figure 4; and table C.2 in the Appendix). In
fact, the younger the cohort the higher the employee share and the lower the own-account
worker share. However, the concentration of workers within the younger cohorts in these
employment statuses is less pronounced than in South Africa, with an employee share

of 67 percent and an own-account worker share of 23 percent for the youngest cohort.

Moreover, unlike what was observed in South Africa, the longer time horizon of the IFLS
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allows us to illustrate that the shift in employment status across cohorts had already taken
place by 2007. This can be observed by the small changes in the employment status shares
between waves 4 and 5 and the larger changes between waves 1 and 4 (table C.2 of the
Appendix).

Figure 4: Share of workers with an employee and formal working status in Indonesia, by age cohort
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Notes: The figure exhibits the evolution of each cohort in the share of workers who were employees or had a
formal working status between 2007 (W4) and 2014 (W5). Age cohorts were fixed in 2007 (weights applied),
which means that workers aged 15 to 24 in wave 4 (2007) were 22 to 31 in wave 5 (2014), and so on and so
forth for the other cohorts. The grey arrows compare people from different cohorts when they had the same
age. Source: authors elaboration based on IFLS.

The higher shares of employee jobs amongst younger cohorts are associated with lower
and decreasing shares in agriculture, considerably higher shares in industry and somewhat
higher and increasing shares in services, relative to the other cohorts. The larger, albeit
stagnant, share of jobs held by younger cohorts in the industrial sector is one difference
worth noting with regard to the South African transition story. Another difference is the
fact that, while decreasing, the share of agricultural jobs held by the younger cohorts in
2014 remained significant (18 percent for the youngest cohort and 23 percent for the young
prime age cohort aged 25-34 in 2007 were employed in agricultural jobs in 2014).

What does the switch of younger cohorts towards employee jobs in the industry and
services sectors mean in terms of work quality? As in South Africa, younger cohorts in

Indonesia benefited from higher shares of formal jobs than other cohorts. They also ex-
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perienced greater increases in within-cohort job formalization over time — particularly the
youngest birth cohort. This formalization can be observed relative to older cohorts in 2014,
but also when comparing cohorts when they had the same age during different waves (see
the grey arrows in figure 4). In spite of this improvement, the shares of job formality re-
main low in Indonesia relative to South Africa, in line with the discussion of Section 2.
Rothenberg et al. (2016) find that high informality in Indonesia stems both from barriers
to formalization (i.e., uncertain benefits coupled with high regulatory costs), and from the
prevalence of a dual economy whereby informal sector firms cater to a different consumer,
which possibly does not compete with the formal sector.

The relative formalization of jobs and the change in the sectoral composition towards
industry and services sectors have not been accompanied by changes in the skill levels
of occupations (figure 5). Within cohorts, the composition of occupations has remained
mostly unchanged between 2007 and 2014, with a large concentration of medium-skilled
occupations. In fact, for the older cohorts that were already in the labour market since 1993
(wave 1), the composition of occupations has remained somewhat constant since then,
though we do observe a decrease in the share of older workers in high-skilled occupa-
tions by 2014. Compared to other cohorts, younger cohorts have slightly higher shares
of low-skilled occupations, and slightly lower (and decreasing) shares of medium-skilled
occupations, compounded by noticeable higher (and increasing) shares of high-skilled oc-
cupations. This is in line with the larger across-cohort increase in job formalization for
this younger cohort. In fact, the shares of high-skilled occupations show some across-
and within-cohort mobility. In particular, the youth cohort illustrates a relatively impor-
tant within-cohort increase in the share of high-skilled occupations, while the older cohort
shows a decrease in the share of these occupations. Nevertheless, the lassitude of these
trends is in line with the findings that there are shortages of skilled labour, particularly

with regards to IT skills that are bearing on the Indonesian labour market.
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Figure 5: Share of workers in low-, medium-, and high-skill level occupations in Indonesia, by age

cohort

Older (55-64) 1 2.4% ©—@ 6.3%

Prime 3 (45-54) - 7.8% @ 8.5% B
Prime 2 (35-44) - 9.7% @10.4% E
Prime 1 (25-34) 1 9.2% @ 9.8% £

Youth (15-24) 6.7% @ 12.8%

Older (55-64) - 86.8% @0 91.8% .
Prime 3 (45-54) - 83.6% @9 84.8% =
Prime 2 (35-44) - 81.1% @ 82.2% g
Prime 1 (25-34) 82.1% @ 82.5% 3

Youth (15-24) 79.5% O @83.9% =

Older (55-64)1  5.8% OB 7%

Prime 3 (45-54) - 7.3% @ 7.9% 2
Prime 2 (35-44) - 8.1% @ 8.5% %
Prime 1 (25-34) - 8.1% ® 8.3% §
Youth (15-24) 7.7% O® 9.4%
0.00 0.25 0.50 0.75 1.00

Share of workers (%)

Wave: @ W4 (2007) W5 (2014)

Notes: The figure exhibits the evolution of each cohort in their share of workers in each of the three skill levels
of occupations (low, medium, and high) between 2007 (W4) and 2014 (W5). Age cohorts fixed in 2007 (weights
applied), which means that workers aged 15 to 24 in wave 4 (2007) were 22 to 31 in wave 5 (2014), and so on
and so forth for the other cohorts. Source: authors elaboration based on IFLS.

5 Workers’ sorting between different types of transitions: within

cohort analysis

Section 4 highlights the differences in employment status across and within birth cohorts
in South Africa and Indonesia and how these shares have evolved over time. It also shows
the differences in economic sectors, formalization and the skill levels of occupations of jobs
held by the various cohorts over time. Section 5 takes the analysis one step further. Using
the panels of IFLS and NIDS, we follow individuals for a period of around 20 and 10 years,
in Indonesia and South Africa, respectively. We illustrate how workers within a given age
cohort transition between different forms of employment, e.g., how they sort between em-
ployment statuses, economic sectors and occupations, and how they transition between
formal and informal jobs. This allows us to identify the frequency of transitions in each
age cohort, as well as their direction. It also allows us to study the crucial stages of tran-

sitioning during individuals” working lives and assess the permanency of the transitions
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over a longer time horizon than is usually studied in the transitions’ literature.

In South Africa, around 15 percent of individuals (i.e., overall change between waves
1 and 4) have transitioned across employment statuses (i.e., employee, self-employed and
contributing family worker) between each panel wave during the period of analysis (2008
to 2017, table 3”). Most transitions between employment statuses happened, naturally, at
the very beginning of the individuals’ careers (close to 16 percent of individuals transi-
tion during their first years in the labour market, i.e., when they are aged 15 to 24 years—
figure 6). A fair share of transitions also takes place at the upper tier of an individual’s
career, i.e., in the few years following ages 45-54. Most of these transitions correspond to
workers from all cohorts moving from self-employment to employee status. At the very
beginning of their career, youth also move from contributing family workers to employee
status. While South Africa shows some differences in mobility between employment sta-
tuses across cohorts, within cohort mobility is also important during the period of analysis.
This indicates the presence of considerable working mobility in South Africa during the
study period, notwithstanding the large literature on rigidities in the South African labour
market (see Section 2) but in line with findings from other longitudinal studies (Banerjee
et al. (2008); Essers (2016)). In line with the literature, we find evidence for considerable
movements in and out of employment, as well as outside the labour market (table D.1 in
the Appendix). The youngest age cohort experience, on average, the most transitions in
their labour force status (between employment, unemployment and inactivity), while this
mobility tends to decrease with age.

In Indonesia, the incidence of transitions between the various forms of employment
is higher when comparing similar time periods to the South African sample. During the
entire period (1997/98 to 2014), on average, around 20 percent of individuals have tran-
sitioned between employment statuses (figure 7). This figure goes up to over 28 percent,
when we use a comparable period (2007 to 2014, see table 3). Examining overall transi-
tions within cohorts between the status of employment, the highest shares are stemming
from transitions from own account worker to employee status, but the variation across
age cohorts is relatively high (e.g., a large share of youth transition from contributing fam-

ily worker to employee status, followed by contributing family worker to own account

Table 3 shows work-to-work transitions (irrespective of their direction) choosing comparable time peri-
ods—i.e., wl to w4 for South Africa (2008-2014) and w4 to w5 for Indonesia (2007-2014).
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worker). As in South Africa, most transitions in Indonesia occur at the beginning of indi-

viduals’ careers, and we observe mobility across and within cohorts.

Table 3: Work-to-work transitions in South Africa and Indonesia, comparable wave lengths

Status in employment Nature: informality Sector (aggregate)  Occupation (skill level)
South A. Indonesia South A. Indonesia South A. Indonesia South A. Indonesia
Cohort age start W1W4 W4W5 W1w4 W4W5 W1iw4 W4W5 W1wW4 W4W5
‘08/'14 ‘08/'15 ‘08/'14 ‘08/'15 ‘08/'14 ‘08/"15 ‘08/'14 ‘08/'15
Youth (15-24) 25.64% 35.13% 50.62% 14.63% 41.64% 36.75% 44.45% 20.87%
Prime 1 (25-34) 14.78% 28.05% 27.29% 11.07% 23.93% 31.97% 33.05% 19.75%
Prime 2 (35-44) 9.29% 26.03% 21.49% 6.30% 21.35% 26.24% 26.14% 17.63%
Prime 3 (45-54) 15.51% 27.84% 16.28% 4.38% 19.31% 25.70% 30.88% 13.28%
Older (55-64) 21.70% 30.35% 30.00% 3.95% 19.12% 22.28% 17.13% 12.20%
Overall 15.08% 28.39% 26.42% 7.29% 24.11% 27.92% 31.16% 16.42%

Notes: The table illustrates the share of individuals who have transitioned (irrespective of their direction)
between the various status of employment, nature of employment (formality vs. informality), aggregate
economic sectors, and in their occupation skill level between the respective survey waves. Survey waves
have been chosen to make periods of analysis comparable between Indonesia and South Africa. In Indone-
sia, comparing wave 4 to wave 5 means assessing the period 2008-2015. In South Africa, comparing wave
1 to wave 4 means studying the period 2008-2014. Panel weights applied. Source: authors’ calculations
based on NIDS and IFLS.

There is much more mobility between formal and informal jobs than there is between
employment statuses in South Africa (figure 6). This mobility is again higher at the be-
ginning of individuals’ careers (i.e., a lower share of transitions for older cohorts), but
mobility remains high as well at other stages of people’s working lives. Within cohorts,
the number of transitions decreases as individuals age. In terms of direction, most transi-
tions occur from informal to formal employment. This is particularly the case of younger
cohorts, while the share is much smaller (generally less than half of those transitioning) for
older-age cohorts. In fact, a small share of people in the older cohort starts transitioning
towards informality as they get older.

In contrast, in Indonesia, where a much higher incidence of informality characterizes
the labour market, the rate of transitions is markedly lower compared to those in South
Africa for all cohorts (26.4 percent of individuals switch between formality and informality
statuses in South Africa, compared to 7.3 percent in Indonesia, when using comparable
time frames—table 3). This reflects the stickiness of informality in the country. Despite the
low mobility between formal and informal jobs, most of the transitions that occur are out of
informality. As in South Africa, younger cohorts make up the largest share of individuals

moving towards formal employment in Indonesia from 2000 to 2007. Still, the majority of
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transitions for all cohorts, stem from transitions towards formal employment.

Figure 6: Share of individuals who have transitioned between survey waves and direction of these
transitions - status of employment and nature of employment, South Africa
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Notes: Figure 6 depicts the share of individuals who have transitioned between the various status of employ-
ment (figure 6a) and nature of employment (formality vs. informality) between the respective survey waves,
irrespective of the transitions” direction. For the nature of employment, the shares of figure 6¢ provide infor-
mation on the direction of the transitions from informal to formal work. The total share of transitions in figure
6b equals the respective shares on figure 6¢ plus the transitions in the opposite direction (formal to informal),

which are not reported due to space constraints. Panel weights applied. Source: authors calculations based on
NIDS and IFLS.

Figure 7: Share of individuals who have transitioned between survey waves and direction of these
transitions - status of employment and nature of employment, Indonesia
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Notes: Figure 7 depicts the share of individuals who have transitioned between the various status of employ-
ment (figure 7a) and nature of employment (formality vs. informality) (panels b and c) between the respective
survey waves, irrespective of the transitions” direction. For the nature of employment, the shares in figure 7c
provide information on the direction of the transitions from informal to formal work. The total number of
transitions in figure 7b equals the respective shares in figure 7c plus the transitions in the opposite direction

(formal to informal), which are not reported due to space constraints. Source: authors calculations based on
IFLS.
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We also observe relatively important mobility between sectors and occupations in both
South Africa and Indonesia. Again, focusing on the share of workers who transitioned
between waves, individuals in the youngest cohort experience the highest mobility at the
onset of their career in both countries between sectors (figures 8 and 9) and occupations
(figures 10 and 11). In South Africa, the incidence of transitions between sectors decreases
both with age across cohorts and as individuals in each of those cohorts become older
(within cohort comparison). As to the direction of these transitions, South Africa displays
a low share of workers switching from agriculture to either industry or services, and from
industry or services to agriculture. However, there is notably higher mobility from in-
dustry to services and vice versa. Indeed, on average, around 7 percent of individuals
transition in each direction, which accounts for around 39 to 37 percent of total transitions
across sectors—there is no one direction that clearly dominates the other.

Meanwhile, in Indonesia, the average share of people transitioning between sectors
is higher than in South Africa (28 percent compared to 24 percent, when using compara-
ble time frames—table 3). Transitions are also more prominent among younger cohorts.
Interestingly, within cohorts, there is a systematic increase in the incidence of transitions
between sectors during the period 2000 and 2017 (i.e., between waves 3 and 4) for all co-
horts. This period coincides with the three most recent and impactful natural disasters
suffered by the country (an earthquake and tsunami in 2004, followed by earthquakes in
2005 and 2006), which brought about increased unemployment (ILO, 2005) and a shift of
labour from the agricultural to the construction sector (Kirchberger, 2017). The shift from
agriculture to industry (that includes construction) between waves 4 and 5 allows us to
observe some of this shift, although this transition is by no means the most relevant in
Indonesia. Like South Africa, most transitions are from industry to services—on average,
around 6.5 percent of individuals experience this shift (figure 8), which accounts for 24
percent of all transitions among sectors. Surprisingly, transitions from services to agri-
culture are also relevant (close to 18 percent of all sectoral transitions), especially among
older cohorts and have remained stable during the 20 years of analysis. They are followed
by transitions from agriculture to services and from services to industry, each accounting
for around 17 percent of all sectoral transitions. We do observe high variation across age

cohorts, though, with youth again having generally higher transition rates across sectors.
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Figure 8: Share of individuals who have transitioned across sectors between survey waves and
direction of these transitions, South Africa
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Notes: Figure 8a depicts the share of individuals who have transitioned between economic sectors, irrespective
of their direction, amongst the respective survey waves. Figures 8b, 8c, and 8d provide information on the
direction of the transitions. The total number of transitions adds up to the respective shares in 8b, 8c, and
8d, plus the transitions in the opposite direction (industry to agriculture; services to industry, and services
to agriculture), which are not reported in the table due to space constraints. Panel weights applied. Source:
authors calculations based on NIDS.

Figure 9: Share of individuals who have transitioned across sectors between survey waves and
direction of these transitions, Indonesia
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Notes: Figure 9a depicts the share of individuals who have transitioned between economic sectors, irrespective
of their direction, amongst the respective survey waves. Figures 9b, 9¢, and 9d provide information on the
direction of the transitions. The total number of transitions add up to the respective shares in 9b, 9¢c, and
9d, plus the transitions in the opposite direction (industry to agriculture; services to industry, and services to
agriculture), which are not reported in the table due to space constraints. Source: authors calculations based
on IFLS.
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Transitions between the skill level of occupations follow a different and less system-
atic pattern. In South Africa, people shift between occupations” skill levels much more
often during their career lives than they shift sectors and employment statuses (figure 10).
Again, we find that the share of individuals who transition between occupations” skill
levels decreases the older the age cohort, and as each cohort gets older over time. We
find that most transitions occur from low- to mid-skill-level occupations and from mid-
to high-skill-level occupations. Unsurprisingly, there are only few transitions from low-
to high-skill level occupations, and those transitions happen predominantly within the
younger age cohorts. Overall, most individuals in all cohorts transition from lower to
higher-skill level occupations in South Africa—on average, close to 56 percent of all tran-
sitions between occupations’ skill levels. This share is more pronounced for the youngest
cohort (around 65 percent on average), but it’s the least pronounced for the cohort prime
age 3 (around 51 percent on average). However, as younger cohorts age, they start tran-
sitioning from higher to lower skill level occupations. This could indicate that as workers

age, there is a tendency of declining upward mobility in terms of skill-level of occupations.

Figure 10: Share of individuals who have transitioned between occupation’s skill levels amongst
survey waves and direction of these transitions, South Africa
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Notes: Figure 10a depicts the share of individuals who have transitioned between the three skill levels of
occupation, irrespective of their direction, amongst the respective survey waves. Figures 10b, 10c, and 10d
provide information on the direction of the transitions. The total number of transitions add up to the respective
shares in 10b, 10c, and 10d, plus the transitions in the opposite direction (mid-skill to low-skill level; high-skill
to mid-skill level, and high-skill to low-skill level), which are not reported in the table due to space constraints.
Panel weights applied. For the definition of the skill levels of occupations, please see footnote 7. Source:
authors calculations based on NIDS.
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In Indonesia, while there is mobility between occupations’ skill levels, people shift oc-
cupations much less than they shift economic sectors and employment statuses. However,
we observe mobility with an overall increase in transitions across occupation skill levels
over the period of analysis (2000-2017) for all cohorts. Unlike South Africa, most people
in the two younger cohorts (on average during the period, 63 and 56 percent of individ-
uals, respectively) experienced upper mobility in terms of the skill level of occupations.
The opposite is true for the older three cohorts, where a larger share of people transitioned
towards occupations of a lower skill level. Considering those who transitioned from lower
to higher skill-level occupations (which account for close to half of all transitions of this
type), most transitions occur from low to mid-skill level and from mid- to high-skill level.
To understand better whether there is more movement within occupational skill levels
than across, we look in more detail at the transitions across specific mid-level occupa-
tions (table D.2 of the appendix), after all, the majority of workers (about 83 percent'’) in
Indonesia are employed in mid-skill level occupations. Looking at the transitions for the
mid-skill level occupations with the highest share of individuals - services and sales work-
ers; skilled agricultural, forestry and fishery workers; and craft and related trades workers
(about 78 percent of workers fall under these three categories), we observe that most peo-
ple transition from skilled agriculture and from craft and related trades, towards services
and sales. As transitions across sectors are still more prominent in the Indonesian sam-
ple, these transitions between mid-skill level occupations are likely partially representing
sectoral changes.

In sum, we find that, in South Africa, shifts between the skill level of occupations are
the most prevalent type of transition (over 31 percent of people during the period of anal-
ysis—table 3), followed by transitions between formality-informality of jobs (26 percent)
and between economic sectors (24 percent). Transitions between employment statuses are
much less prevalent, at 15 percent. Meanwhile, in Indonesia, transitions between employ-
ment statuses as well as between sectors are the highest (28 percent each, using a compa-

rable period of analysis), and also higher than in South Africa. The share of individuals

!0This corresponds to the share of individuals in each one-digit ISCO-08 occupational category in all five sur-
vey waves, which are the following: 1-Professional/Technical = 0.7%; 2-Professionals=4.7%; 3-Technicians
and Associate Professionals=4%; 5-Service and Sales Workers=30.4%; 6-Skilled Agricultural, Forestry and
Fishery Workers=32%; 7-Craft and Related Trades Workers=15.6%; 8-Plant and Machine Operators and As-
semblers=2%; 9-Elementary Occupations=7.4%.
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transitioning between various occupations’ skill levels and between formality-informality

of jobs is lower than in South Africa, totalling 16 and 7 percent, respectively.

Figure 11: Share of individuals who have transitioned between occupation’s skill levels amongst
survey waves and direction of these transitions, Indonesia

(a) Total share of transitions (b) From low-skill to mid-skill level
— Co122% 3.9% T
13.3%
) 16.3% 0 Ll 3.9%
11.1% 17.6% e .
9.3% 12.9% 18.1% 1.9% — .07 4.9%
12% TR e 19.8% — 1.5% 5.6% 5.1%
o % po 2o
8.6% 14% A% 26% 26% Lo [ s
W1 =>W2 w2 => W3 W3 => W4 W4 => W5 W1 => W2 W2 => W3 W3 => W4 W4 => W5
(c) From low-skill to high-skill level (d) From mid-skill to high-skill level
e — 0.8%
I 0.1% o 24%
oo% 1.7%
1% LV S Shikis 9
0.5% — 3.4%
0.1% 0.2% 0.8% 2.7% 3.4%
— 0% 0.6% . 2.1% 4.8%
0% 0.1% 0.5% 0.8% 3% 38% 3.8%
0% 0-3% 4% 2.2% L33%
W1 =>W2 W2 =>W3 W3 =>W4 W4 => W5
W1 => W2 W2 => W3 W3 => W4 W4 => W5
Cohort age in W4 (2007/08): B Youth (15-24) Prime 1 (25-34) Prime 2 (35-44) Prime 3 (45-54) [ Older (55-64)

Notes: Figure 11a depicts the share of individuals who have transitioned between the three skill levels of
occupation, irrespective of their direction, amongst the respective survey waves. Figures 11b, 11c, and 11d
provide information on the direction of the transitions. The total number of transitions in figure 11a add up
to the respective shares in figures 11b, 11c, and 11d, plus the transitions in the opposite direction (mid-skill
to low-skill level; high-skill to mid-skill level, and high-skill to low-skill level), which are not reported in the
table due to space constraints. Panel weights applied. For the definition of the skill levels of occupations,
please see footnote 7. Source: authors calculations based on IFLS.

6 What drives different worker transitions across cohorts?

In this section, we seek to deepen our understanding of the relationship between age and
the probability of transitioning and investigate what factors besides age may be driving
work-to-work transitions. To that end, we first explore whether individual characteristics
—such as having certain skills — are associated with transitioning. Second, given the con-
sistent importance of the relationship between age and the probability of transitioning, we
investigate this further by allowing the nonlinear relationship of age to have more flexibil-
ity through the use of fractional polynomials. We split our transition estimations by sex, to
observe any potential gender effects.!!

Building upon the descriptive explorations of work-to-work transitions in the two

"Eora complete analysis on the evolution of labour force participation and employment patterns for women
and men separately, see Calero and Delautre (forthcoming).
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countries in the previous two sections, we estimate an individual-level fixed effects model
to explore what determines transitioning vs. staying, considering the same type of tran-
sitions previously discussed: sector, status of employment, nature of employment, and
occupation skill level. The linear probability model (LPM) applied is represented by the

following equation:

Yije = a+ BAgeijt + (Xit + i + &5 + 0¢ + €ije

where Y is a binary variable, which equals one if individual 7 in cohort j in time ¢ (i.e.,
wave) transitioned from one wave to the next, which we refer to as transitioners hereafter,
and 0 if they stayed between waves (stayers); Age are our age variables; X is a set of time-
varying individual characteristics. Individual, cohort, and time fixed effects are included
(7, ¢, and ¢ respectively), with age-cohort again fixed to 2008.

Section 5 gave insight into the most frequent transitions in South Africa and Indonesia,
which we further discuss in this section to assess their drivers. Starting with South Africa,
we analyze the most prevalent types of work-to-work transitions (assembling most of the
work-to-work transitions): the skill-level of occupations and the nature of employment.

Table 4 compares workers who transition between skill levels to those who stay in the
same occupation skill level; all estimations are linear probability models.!? The first thing
that we observe is that the inclusion of individual and wave fixed effects is important, as
indicated by the large increase of R? in the specifications. Another finding worth highlight-
ing is that individuals living in rural areas tend to transition more between occupations.
This may be surprising as it indicates that rural jobs do not appear to trap individuals into
occupations of a set skill level. Moreover, we find that middle- and high-skill education
determine staying in that occupational skill level, with statistically significant effects found
in columns 4, 5, and 6. In other words, individuals with higher education are less likely
to transition across the skill level of occupations from wave to wave compared to those
with low or no education. This may indicate that these individuals remain in occupations

associated with higher salaries and job quality. In addition, the coefficient of the starting

ulndependent variables in the fixed-effects linear probability model include age and age-squared; the house-
hold size (H H size); Rural which equals one if the respondent lives in a rural area; ISCED education codes
(Low skill education: ISCED 1-2, middle skill education: ISCED 3-4, high skill education: ISCED: >=5); and
whether an individual started in a low-skilled occupation the first wave the entered NIDS (Start low-skilled
occ).
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position —i.e. a dummy indicating whether an individual has started in a low-skilled oc-
cupation, is large and statistically significant. This indicates that individuals starting in a
low-skilled occupation tend to stay in that occupation skill level. This may highlight the
difficulty of transitioning "up" the ladder when one starts at the b ottom. In short, we pro-
vide evidence that the educational level of individuals is associated with a lack of mobility
between occupation skill levels.

To observe any potential gender effects, we split our transition estimations by sex in
table E.14 and table E.15 of the Appendix. We find that the men sub-sample drives the
positive association between living in rural areas and occupational skills levels, and the
negative association between education and transitioning. For women, those variables are
not statistically significant.

Table 4: South Africa: Occupation skill level — stayers vs. transitioners

) 2 ®d) “) )] (6)
Age 0.0255**  0.0814***  0.0283***  (0.0433** 0.0583* 0.0501
(0.003) (0.004) (0.005) (0.019) (0.035) (0.034)
Age® -0.0003***  -0.0005***  -0.0003***  -0.0007***  -0.0009** -0.0007*
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize -0.0055*** 0.0004 -0.0054*** 0.0028 0.0034 0.0044
(0.001) (0.002) (0.002) (0.004) (0.004) (0.004)
Rural 0.0295** 0.0053 0.0287** 0.0585 0.0601 0.0743*
(0.012) (0.020) (0.013) (0.043) (0.042) (0.044)
Middle skill (edu) 0.0225 -0.0334 0.0194 -0.1095**  -0.1038*  -0.1098**
(0.014) (0.029) (0.015) (0.044) (0.045) (0.043)
High skill (edu) 0.0177 -0.0391 0.0124 -0.1427#**  -0.1391***  -0.1386***
(0.015) (0.031) (0.016) (0.046) (0.047) (0.045)
Start low-skilled occ -0.3167***
(0.022)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 20173 31953 19336 15768 15768 15768
R? 0.015 0.116 0.012 0.519 0.522 0.535

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % x p < 0.05, % % xp < 0.01. Source: authors elaboration based on NIDS.

Finally, in order to observe any nonlinearities in the relationship between age and the
probability of transitioning, we include an age-squared term in the estimations. We addi-
tionally analyze the nonlinear relationship between age and transitioning across skill levels
of occupations more nuancedly, by means of fractional polynomials. Results are shown in
Figure 12. Here, the component fit (i.e., £ = E;; + ({itXit, where E;; are the residuals from
the full model, (;;; is the regression coefficient for age, and X;; is age) is plotted against
the fractional polynomial (i.e., age), and draws a line of best fit. This allows us to further

test whether we observe a nonlinear structure in age. The left-hand side figure displays the
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fractional polynomial results for occupation skill level based on column 6 in table 4 (nature
of employment, on the right-hand side, is assessed below). We find a consistent relation-
ship between age/age-squared and the probability of transitioning between occupation
skill levels, which displays an inverse-U shape relationship, where younger individuals
transition across the skill level of occupations more often than older individuals —i.e., as
age increases, the coefficient Age is positively sloped, until reaching a turning point, where
it becomes negatively sloped. This supports our previous transition matrix findings in a
stricter model, including covariates and fixed effects (FE). However, the level of signifi-
cance decreases with the inclusion of the interaction between age cohort and wave FEs,
though the signs remain the same.
Figure 12: South Africa stayers vs transitioners: Fractional polynomials
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Notes: This figure displays the fractional polynomial results for occupation skill-level and nature of employment
based on column 6 in table 4 and table 5, respectively. Source: authors elaboration based on NIDS.

The second most prevalent transition in South Africa is between formal and informal
jobs, i.e., what we call nature of employment (table 5). With respect to age, we find again
that younger cohorts tend to transition more. This pattern is consistent, although Age and
Age? are not statistically significant in the strictest estimations shown in columns 5 and
6. We nevertheless investigate the nonlinear relationship between age and transitioning
across the nature of employment applying fractional polynomials as we did for the tran-
sitions between occupation skill levels. The right-hand side of figure 12 shows the results.
The fractional polynomial estimation supports our previous findings, namely that older
individuals tend to stay while younger individuals are more likely to transition.

The statistical significance of other effects is less consistent across specifications. Still,
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the coefficient indicating whether individuals started their careers in an informal job is
negative and significant, indicating that informal employment is persistent. Again, we
split the sample by sex to observe potential differential effects. Table E.16 and table E.17 of
the Appendix display the results. Here we find that living in rural areas is associated with

higher odds of transitioning for women only.

Table 5: South Africa: Nature of employment — stayers vs transitioners

@ @ ®) 4) ©) (6)

Age 0.0142***  0.0692***  0.0240***  0.0426** 0.0412 0.0137
(0.003) (0.004) (0.005) (0.017) (0.035) (0.032)
Age? -0.0002***  -0.0005***  -0.0002***  -0.0005***  -0.0005 -0.0000
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0002 -0.0018 0.0006 -0.0061*  -0.0068* -0.0050
(0.001) (0.002) (0.002) (0.004) (0.004) (0.004)
Rural -0.0066 0.0089 -0.0065 0.0441 0.0397 0.0587
(0.012) (0.020) (0.012) (0.041) (0.043) (0.040)
Middle skill (edu) 0.0402*** 0.0178 0.0395*** 0.0017 0.0116 -0.0145
(0.014) (0.038) (0.014) (0.074) (0.079) (0.076)
High skill (edu) 0.0358** 0.0032 0.0324** -0.0157 -0.0010 -0.0322
(0.015) (0.040) (0.015) (0.077) (0.081) (0.079)
Occ skill level -0.0230
(0.015)
Start at informal -0.3011%**
(0.018)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 18361 29184 17635 14187 13334 14187
R? 0.006 0.082 0.008 0.498 0.501 0.524

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for the province.
xp < 0.1, % % p < 0.05, % x xp < 0.01. Source: authors elaboration based on NIDS.

We have relegated the sector and status of employment analysis to Appendix E,'* as
these transitions are less prevalent in the country, but a couple of points are worth mention-
ing in terms of sectoral transitions. First, age appears once again to be an important driver
of transitions between sectors (table E.3). Moreover, the analysis illustrates that individ-
uals living in rural areas tend to stay in the same sector, instead of transitioning between
sectors. Third, the starting point matters in the mobility of workers. People who start their
careers in agriculture have higher chances of staying in that sector and not transitioning to
other economic sectors.

Finally, an emerging body of evidence (Adhvaryu and Nyshadham, forthcoming; Dim-
itriadis and Koning, 2022; Chioda and Carney, 2021) highlights the importance of skills for
labour market outcomes in LMIC and identifies the relationship of various types of skills

and transitions to better jobs as avenues for future empirical research (Bennett ef al., 2022;

3 Additional analyses by sex are available from the authors upon request.
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Deming, 2022). We thus investigate the possible relationship between transitioning and
skills by including cognitive skills measures in our main estimation. We use the literacy
of respondents in their home language and English,'* their computer literacy skills, and
whether they possess a driver’s license as measures of cognitive skills. Tables E.1 and E.2
in the Appendix, iteratively add skill-related variables to the fixed-effects regression con-
trolling for individual and the interaction between age cohort and wave FEs (based on
column 5 of table 4). Figure 13 displays the coefficients adding all skills-related variables
simultaneously to the nature of employment and occupation skill level estimations. We
find that computer literacy has a positive relationship with transitioning between infor-
mal and formal jobs, while the other skill measures remain insignificant. On the contrary,
table E.7 shows that cognitive skills do not seem to have a clear relationship with the prob-
ability of transitioning between economic sectors. That being said, it may be the case that
other forms of (unobserved) cognitive and socioemotional skills may play a more signifi-

cant role in transitions across the South African labour market.

For the analysis of Indonesia, we focus our estimations on the probability of transition-
ing between status of employment and economic sectors, as these are the most prevalent
transitions in the country (following the transitions matrices in section 5). Analyses on the
nature of employment and occupation skill levels are included in Appendix E.

Similar to South Africa and in line with our findings from the transition matrices, first
focusing on status of employment (STE), Age and Age? have a consistent statistically sig-
nificant relationship with transitions across different employment statuses (i.e., contribut-
ing family workers, own account workers, and employees) in all estimations (table 6).!°
Younger individuals transition across STE more often than older individuals. H Hsize is

negative and significant in columns 2, and 4-6, indicating individuals in larger households

transition across status of employment less. Both Rural and the education variables are

“Respondents were assessed in their reading and writing skills. To reduce the number of variables, we
applied confirmatory factor analysis to establish latent variables which aggregate the information of reading
and writing into the literacy variables.

>The estimations include the same covariates used for the South Africa analysis. Variables include age and
age-squared; household size (H Hsize); Rural, which equals to one if the respondent lives in a rural area
and zero otherwise; year of birth (YO B); ISCED education codes (low-education levels are represented by
codes 1-2, includes individuals who have no formal education, mid-level education are codes 3 and 4, and
high education levels are codes 5 and above); occupational skill level, as was defined in section 5 (Occ_skill),
and whether an individual started their transition path as a contributing family worker in the first wave they
entered the survey (Start as CEFW).
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Figure 13: South Africa stayers vs transitioners: Cognitive skills
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Notes: This figure depicts the effect of adding all skill-related variables simultaneously to the fixed-effects regression
controlling for individual and age cohort x wave FEs (based on column 5 of table 4 and table 5, respectively). Source:
authors elaboration based on NIDS.

not consistently significant; when Mid — edu and High — edu are significant, they are nega-
tive, indicating that individuals with higher levels of education transitions less than those
with lower levels of education. Moreover, individuals who start their careers as contribut-
ing family workers (Start as CF'W) are more likely to stay a contributing family worker
in the next wave (about 36% more likely).

We next observe transitions across sectors in table 7. Similar to the previous estima-
tions we find a consistent relationship between age and age-squared and the probability
of transitioning across economic sectors, where younger individuals transition across sec-
tors more often than older individuals. High — edu is also negative and significant in all
estimations, indicating that individuals with higher education are less likely to transition
across sectors from wave to wave compared to those with low or no education. This may
highlight a sort of specialization acquired through education. The statistical significance
of the variable identifying the starting point in the mobility of workers (Start in agric)
reinforces this —i.e., individuals who start their careers in the agriculture sector are more
likely to stay in agriculture in the following waves (in line with what we observe in the

transition matrix, in table 9, comparing age cohorts across transitions), similar to the case

35



Table 6: Indonesia stayers vs. transitioners: Status of employment

@ @ (6] @ ©®) (6)

Age 0.0148***  0.0527***  0.0137**  0.0429***  0.0366***  0.0275***
(0.001) (0.002) (0.001) (0.003) (0.005) (0.005)
Age® -0.0001***  -0.0005**  -0.0001***  -0.0005***  -0.0004***  -0.0003***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0008 -0.0054***  0.0019***  -0.0054***  -0.0049***  -0.0030*
(0.001) (0.002) (0.001) (0.002) (0.002) (0.002)
Rural 0.0288*** 0.0000 0.0322*** 0.0021 0.0019 0.0015
(0.003) (0.010) (0.003) (0.010) (0.010) (0.010)
Mid-edu -0.0419***  -0.0030  -0.0478***  -0.0042 -0.0048 -0.0052
(0.003) (0.013) (0.003) (0.013) (0.013) (0.013)
High-edu -0.0905***  -0.0185  -0.0984***  -0.0227 -0.0266 -0.0286
(0.004) (0.019) (0.004) (0.019) (0.019) (0.018)
Occ skill -0.0106* -0.0118*  -0.0122**
(0.006) (0.006) (0.006)
Start as CFW -0.3602***
(0.011)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 69537 69537 67473 47490 47490 47490
R? 0.053 0.080 0.052 0.476 0.479 0.495

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % % p < 0.05, % x xp < 0.01. Source: authors elaboration based on IFLS.

of South Africa. Rural is negative and significant in columns 2, and 4-6; individuals living
in rural areas may transition across sectors less than those in urban areas, though the sign
changes in column 3. We additionally split our transition estimations by sex in the ap-
pendix (tables E.18 to E.21,'°) in order to observe any potential gender effects. In the sector
estimations (tables E.20 and E.21), we find that the relationship between living in rural ar-
eas and transitioning across sector is driven by women, while Rural is never significant in
the estimation for men. This may point towards women living in rural areas having lower
transition rates across sector compared to men. Both the nature of employment and oc-
cupation tables (tables E.9 and E.11, respectively) display a similar nonlinear relationship
between age and the probability of transitioning, as do the estimations that are split by sex
(tables E.18 to E.21).

We further explore the non-linear relationship between age and the probability of tran-
sitioning, as in the case of South Africa. Figure 14 displays this relationship for the prob-
ability of transiting between status of employment and economic sectors, using fractional
polynomials (estimations are displayed in table E.13 of the Appendix), based on column
6 of tables 6 and 7. We observe that the inverse U-shaped pattern changes from upward

to downward sloping during prime age (in the linear probability model estimations, the

16 Additional results for occupation and nature of employment split by gender available upon request.
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Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.

Table 7: Indonesia stayers vs. transitioners: Sector

@

@

€]

@

©®)

()

Age 0.0186***  0.0555***  0.0143**  0.0436***  0.0432***  0.0402***
(0.001) (0.002) (0.001) (0.003) (0.006) (0.006)
Age? -0.0002***  -0.0005**  -0.0001***  -0.0005***  -0.0005**  -0.0005***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0038*** -0.0010 0.0046*** -0.0008 -0.0013 -0.0010
(0.001) (0.002) (0.001) (0.002) (0.002) (0.002)
Rural 0.0044 -0.0316**  0.0070**  -0.0301***  -0.0303***  -0.0312***
(0.003) (0.011) (0.003) (0.011) (0.011) (0.011)
Mid-edu -0.0108*** 0.0067 -0.0140%** 0.0059 0.0044 0.0031
(0.004) (0.016) (0.004) (0.016) (0.016) (0.016)
High-edu -0.0681*  -0.0405*  -0.0727***  -0.0437*  -0.0515**  -0.0444*
(0.005) (0.024) (0.005) (0.024) (0.024) (0.024)
Occ skill -0.0303***  -0.0309***  -0.0274***
(0.008) (0.008) (0.008)
Start in agric -0.1241*
(0.009)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 58723 58723 56701 36255 36253 36253
R? 0.045 0.102 0.043 0.533 0.536 0.540

xp < 0.1, % % p < 0.05, % x xp < 0.01. Source: authors elaboration based on IFLS.

turning point for STE and sector is approximately 45 and 44 years of age, respectively).

Within those estimations, youth and early prime age individuals are more likely to transi-

tion, while mid-prime age and older individuals have a higher likelihood of being stayers.

Component

Figure 14: Indonesia stayers vs transitioners: Fractional polynomials
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Notes: This figure displays the fractional polynomial results for sector and status of employment based on column 6 in
tables 7 and 6, respectively. Source: authors elaboration based on IFLS.

Similar to South Africa, the IFLS included measures of cognitive skills. In waves 3 and
4 of the survey, individuals aged 7-24 were asked questions eliciting fluid intelligence (i.e.,

Raven’s tests !7), and mathematical skills (i.e., arithmetic questions). Younger children

!7Raven’s test are a series of pictures, with a piece of each picture missing. Individuals must choose, from a
set of picture cut-outs, which cut-out belongs in the corresponding picture.
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aged 7-14 were asked easier arithmetic questions (Cog_easy), with the harder arithmetic
test given to older children/young adults aged 15-24 (C'og_hard). Cognitive skill questions
were extended to all adults (i.e., including the sample above 24 years old) in wave 5 of the
survey. Adults were given fluid intelligence tests in wave 5, while only those up to age
59 were asked the arithmetic questions (i.e., adults were given the C'og_hard questions).
In order to test the relationship between cognitive skills and the probability of transition-
ing, we created a few variables using the fluid intelligence and arithmetic test questions.
First, we used confirmatory factor analysis to create latent variables based on individual
responses to all of the questions in Cog_easy and Cog_hard. This follows the method-
ology used in the seminal cognitive/socioemotional skills literature (e.g., Heckman et al.
(2006), Cunha et al. (2010), Heckman et al. (2013)). We also aggregate the number of correct
answers for both the fluid and arithmetic questions (i.e., aggregating the raw scores), to
create the variable C'og_all. Given that only youth were asked cognitive skill questions in
waves 3 and 4, only one year of data (wave 5) allows us to look at a sample which includes
adults.

In addition to cognitive skills, individuals in wave 5 of the survey were given the Big
Five personality test. The Big Five test is widely used in psychology and has been used
with increasing frequency in economic literature (Almlund et al., 2011; Heckman et al.,
2019). Based on factor analysis, this personality test has created a measure for five per-
sonality traits: openness, conscientiousness, extraversion, agreeableness, and neuroticism.
The IFLS uses the 15-question scale, with individuals answering a five-point Likert scale
(i.e., from disagree strongly to agree strongly) for each question. Scores for each of the five

traits were aggregated to create the variables used.
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Figure 15: Indonesia stayers vs transitioners: taking into account cognitive and noncognitive skills
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Notes: This figure depicts the effect of adding all skill-related variables simultaneously to the fixed-effects regression
controlling for individual and age cohort x wave FEs, thus representing column 5 in tables E.7 and E.8, respectively.

Source: authors elaboration based on IFLS.

Both the cognitive and socioemotional indicators give interesting insights into other
potentially important factors which are related to the probability of transitioning. Figure
15 displays the point estimates for the hard cognitive skill test Cog_hard and five person-
ality traits, along with Age and Age?.!® Once again, age displays an inverse U-shaped
relationship with the probability of transitioning across all estimations when our cognitive
and socioemotional skill measures are included. Overall, cognitive skills do not have a
consistent relationship with the probability of transitioning. Conversely, socioemotional
skills matter. In particular, we observe statistically significant relationships in measures
of openness and neuroticism. Individuals who are more open to new experiences display
higher odds of transitioning between sectors, nature of employment, and occupation skill
levels. Meanwhile, neuroticism (which is the opposite of emotional stability) is negatively
and statistically significantly related to transitions between formal and informal jobs (i.e.,
nature of employment), indicating that people with a higher level of neuroticism (i.e., who

lack emotional stability) have higher chances of being a stayer. These findings suggest that

!8The figure depicts column 5 in tables E.7 and E.8 of the appendix (tables E.10 and E.12 in the appendix show
results for nature of employment and occupation skill level, respectively).
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the skills required to be mobile in the labour market are specific to the type of transition
we are observing, even when looking at socioemotional skills. This finding could have
been expected for transitions that occur between occupations,'” and to a lesser extent sec-
tors?’, given existing evidence. It is, however, a novel finding to understand other types
of transitions such as between formal and informal jobs. This suggestive evidence, based
on a cross-sectional estimation (as the personality questions were only asked in wave 5)
opens the door to a new research avenue. Further research using panel data that allows
the identification of various skills, and multiple transition periods would be an interesting

next step in this line of research.

7 Conclusion

While there is a significant amount of literature observing labour market transitions, such
as school to work, or employment to unemployment, the literature which focuses on work-
to-work transitions is scant, especially in LMIC. This study takes a cross-country com-
parative approach in two major middle-income economies, Indonesia and South Africa,
through the use of long-term panel data. Focusing on work-to-work transitions, we first
explore the shape and frequency of transitions over time, across and within age cohorts.
Across cohorts, both countries appear to be experiencing a shift in employment status,
whereby younger cohorts are increasingly absorbing employee jobs, which also appear to
be of better quality (formal and performing higher-skilled occupations).

There are clear differences in transition patterns between the two countries when look-
ing within cohorts. South Africa overall displays larger working mobility, although transi-
tions have increased drastically in Indonesia over time. In South Africa, shifts between the
skill level of occupations are the most prevalent type of transition, where most movements
occur from lower to higher skill-level occupations among individuals in the younger co-
horts. Meanwhile, individuals in older cohorts (but also as younger cohorts get older) start

transitioning back from higher to lower skill-level occupations. Moreover, there is much

YEor example, social skills have been found to have increasing importance for managerial occupations, re-
ducing coordination costs, attrition and improving managers’ compensation (Deming (2017), Hansen and
Fuller (2021), Hoffman and Tadelis (2021)).

DChioda and Carney (2021) show that certain socioemotional skills (i.e., negotiation, persuasion and self-
efficacy) led to higher business earnings than hard skills in an impact evaluation of a business skills program
in Uganda.
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more mobility between formal and informal jobs than there is between employment sta-
tuses in the country. Most of these transitions are out of informality and towards formal
jobs, and this type of mobility, though more prevalent at the beginning of people’s careers,
remains high at other stages of people’s working lives. Finally, shifts between economic
sectors are less prevalent in the country, but we do observe some mobility from industry
to services and vice versa.

In contrast, in Indonesia, transitions between employment statuses are the most preva-
lent type of mobility, where most people shift from own-account work to employee status.
While there is mobility between occupations’ skill levels, people shift occupations much
less than they shift economic sectors and employment statuses. Moreover, barely half of
the transitions between occupations’ skill levels take place from lower to higher skill-level
occupations. In terms of shifts between economic sectors, most transitions are from in-
dustry to services, but other transitions are also relevant, especially those from services
to agriculture, from agriculture to services and from services to industry. Finally, the rate
of mobility between formal and informal jobs is low in Indonesia, where a high incidence
of informality characterizes the labour market. Nevertheless, most of the transitions that
occur are out of informality.

These results are confirmed when looking at the probability of transitioning or stay-
ing, through a fixed effects model with covariates. We find that younger cohorts transition
more than older cohorts. Additionally, our analysis finds that precarious forms of employ-
ment are persistent. In particular, individuals who start their careers at the bottom of the
transition ladder (i.e., in informal work, the agriculture sector or a low-skill occupation)
are less likely to transition out of this situation. This finding reflects the greater hurdle
faced by vulnerable individuals to transition towards decent jobs. Moreover, even when
transitions are likely, the journey towards decent jobs might be long. As observed in the
Indonesia and South Africa samples, people tend to decrease their transition rate during
prime age, indicating that it may take individuals many years to move towards stable em-
ployment. In sum, younger age determines transitioning towards better jobs, but what else
matters? Though our exploration of skills as drivers of labour mobility is not conclusive,
there is suggestive evidence that socioemotional skills play a role in encouraging certain

types of transitions. For example, in South Africa, computer literacy is positively related
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to transitioning between informal and formal jobs. Meanwhile, in the Indonesian sample,
higher levels of openness to new experiences are related to a higher probability of transi-
tioning across sectors, nature of employment, and occupation; and the lack of emotional
stability is related to lower transition probabilities between informal and formal jobs.
These results highlight the importance of furthering the understanding of the context
in which transitions are being observed, and, therefore, of collecting panel data that allows
for such exploration. In this regard, our research point to two important research avenues
so far unexplored in LMIC: (i) the need to deepen our understanding of the role of certain
skills (e.g., socioemotional ones) in fostering advantageous work-to-work transitions; (ii)
examining how changes in the labour market structure of different countries or regions
have affected transitions over time. Moreover, future research could investigate transitions
at a more granular sectoral level and how the transformation to a sustainable economy will
affect working transitions (e.g. transitions out of fossil-fuel-based industries and sectors to

green jobs and industries.
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Appendix A: Labour Force Survey indicators

Table A.1: Key labour market indicators for South Africa and Indonesia by age cohort, 2010, 2016, and 2019

South Africa Indonesia
2010 2016 2019 2010 Q3 2016 Q3 2019 Q3
Youth Prime Older Youth Prime Older Youth Prime Older | Youth Prime Older Youth Prime Older Youth Prime Older

Indicators 15-24 25-54 55-64 1524 25-54 55-64 1524 25-54 55-64 | 15-24 25-54 55-64 1524 25-54 55-64 1524 25-54 55-64
Labour Force Status

Employed 11.5 54.5 334 12.0 56.2 362 1076 55.15 3736 | 405 76.4 69.1 37.3 76.3 68.9 3852 7797 7032

Unemployed 12.8 15.0 2.8 14.4 18.4 3.8 14.78 2053  4.15 7.4 24 1.0 6.5 1.5 0.4 6.00 1.35 0.33

Outside labour force 75.7 30.5 63.8 73.7 25.4 60.0 7446 2431 5849 | 522 21.2 29.8 56.2 22.3 30.7 5548 20.68 29.35
Labour force participation | 24.3 69.5 36.2 26.3 74.6 40.0 25.5 75.7 415 47.8 78.8 70.2 43.8 77.7 69.3 445 79.3 70.7
Unemployment rate 52.8 21.5 7.7 54.6 24.7 94 57.9 27.1 10.0 15.5 3.0 1.5 14.8 1.9 0.5 13.5 1.7 0.5
Informality

Nature: Informal empl. | 78.9 55.7 51.8 77.1 55.5 470 7693 5447 50.79 94.0 82.5 87.7 9184 7862 83.37

Sector: Inf. empl. 58.8 36.8 30.1 56.2 35.7 255 5486 35.63 27.16 75.1 64.6 70.1 5045 5393 71.22
Status in employment (%)

Employees 89.9 84.9 76.8 91.3 85.5 785 8992 8439 78.02 | 432 35.7 19.3 56.9 45.7 264 56.63 4597 2752

Employers 1.3 4.8 8.8 1.3 4.8 8.6 1.66 4.96 7.89 0.6 3.3 43 0.6 3.9 52 0.75 3.63 429

Own account workers 6.3 9.7 13.7 5.8 9.3 12.5 6.40 1024 1363 | 17.8 425 59.9 11.7 36.8 546 1386 37.76 5525

Contr. family worker 2.4 0.6 0.7 1.6 0.4 0.4 2.02 0.41 0.46 38.4 18.5 16.5 30.8 13.6 13.8 2876 12.64 1295
Sector employment (%)

Agriculture 7.8 55 6.7 8.8 52 5.6 7.39 5.23 5.90 44.1 44.6 61.4 31.7 34.7 514 29.63 3323 4846

Industry 23.7 22.8 21.2 23.9 22.7 214 2190 21.82 19.80 | 18.7 15.4 10.0 21.7 19.2 139 2093 20.05 15.00

Services 68.6 71.7 72.1 67.2 72.1 73.0 7070 7295 7429 | 37.3 40.0 28.6 46.6 46.1 347 4944 46.72 3653
Occupations

Skill level 1 (low) 33.7 30.1 35.1 34.7 30.7 34.5 34.82 30.09 36.61 12.9 10.3 7.3 18.0 14.0 12.6 21.05 16.67 14.41

Skill level 2 (medium) 53.6 454 37.2 53.3 47.0 36.0 5322 4826 36.77 | 81.3 78.8 86.4 75.0 73.4 80.0 70.62 69.43 7595

Skill level 3, 4 (high) 12.6 24.3 27.6 12.0 22.1 294 1196 2147 2652 5.4 10.2 6.2 6.8 119 72 8.03 1327 944

Notes: Age categorizations include: “Youth’ (15-24 years), ‘Prime aged’ (25-54 years) and ‘Older’ (54-64 years). Categories not necessarily add up to 100 as the share of ‘not
classified” is omitted. All classifications follow ILOSTAT definitions. Blanks indicate that no data is available. For the definition of the skill level of occupations please see
footnote 7. Source: South African labour force survey in 2010, 2016, and 2019 from ILOSTAT. Indonesian quarterly labour force survey in 2010-Q3, 2016-Q3, and 2019-Q3
from ILOSTAT.
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Appendix B: Further information on the panel sample sizes and
attrition rates in the IFLS (Indonesia) and NIDS (South Africa)

When working with panel data, sample attrition is often a concern. It may reduce the
precision of the estimation by reducing the sample size. It could also bias results if at-
trition is non-random. A variety of reasons may lead to attrition from the survey: some
individuals may not have been tracked, refused to be interviewed, died between survey
waves, etc. Table B.1 depicts the extent of individual attrition between waves for the two
panel databases. Overall, attrition in Indonesia is quite low, especially considering the
time spans between each wave of the survey. The sample size increased as additional
household members were interviewed in subsequent waves. The low rates of attrition
were made possible due to the IFLS team tracking individuals who have relocated to other
households in between the survey waves (Dartanto et al., 2020). The low rates of attrition
are in line with findings in other studies. Mani et al. (2018) and Thomas et al. (2012) report
they are able to follow 81 and 86 percent of individuals, respectively, between waves 1
through 4.

Meanwhile, while the NIDS also aims to track all original respondents in South Africa,
a considerable number of people attrite between waves. Wave-to-wave attrition fluctuates
around 25 percent which is relatively high but in line with household panels in other de-
veloping and emerging countries (Alderman et al., 2001). Besides, it should be noted that
this wave-to-wave attrition is higher than the panel attrition rate, as the former does not
take into account individuals who have previously exited the survey but have been suc-
cessfully interviewed in subsequent waves. While attrition occurs, the sample size is still
increasing as younger household members (15+) enter the adult survey and individuals
are added to the sample to maintain representativeness.

Though overall attrition is low in Indonesia, attrition attributed to individuals who
answered questions in the employment module is considerably higher. Table B.2 in the
appendix displays the sample sizes and attrition rates of individuals who answered the
employment module in the IFLS, as well as those who are employed. First, observing the
sample size of those who answered the employment module, we observe smaller sam-
ple sizes. This is due to the sampling scheme employed by the IFLS. In the first round
of the survey (IFLS1), specific household members were randomly selected to give de-
tailed information, as interviewing all members of each household would be expensive.
The following individuals were selected to obtain detailed information, including the em-
ployment modules: the household head, the spouse of the household head, a household
member over the age of 50 and their spouse, two children of the spouse aged between zero
and fourteen (randomly selected), and from the remaining household members, a mem-
ber aged between fifteen and forty-nine and her/his spouse (though only for 25% of the
households, which were randomly selected (Strauss et al., 2016). In terms of the higher
attrition rates for those who answered the employment module, though individuals may
have given basic information in multiple waves of the surveys (thus, the low attrition rates
displayed in Table B.1), they may not have answered questions in the employment mod-
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ule for all survey rounds. Setyonaluri (2014) states that this may be due to respondent
fatigue. Considering individuals who answered the employment module, the average at-
trition rate overall five waves is more similar to that of South Africa (approximately 26%
for South Africa, and 29% for Indonesia).

Table B.1: Panel sample sizes and attrition rates between waves

South Africa Indonesia

Sample size

Wave 1 15631 33081
Wave 2 17626 39717
Wave 3 18689 55033
Wave 4 22741 72981
Wave 5 23892 89369
Attrition rate
Wave 1 to Wave 2 27.02% 4.64%
Wave 2 to Wave 3 27.51% 3.08%
Wave 3 to Wave 4 23.23% 7.16%
Wave 4 to Wave 5 25.76% 10.97%

Notes: The South African sample size corresponds to the number of respondents of the NIDS adults (15+)
questionnaire. Source: authors calculations based on NIDS and IFLS.

If non-attritors and attritors systematically differ in the outcome variables of interest
and attrition is found to be non-random, a solution is to create inverse probability weights
which adjust for sample attrition (Fitzgerald et al., 1998; Wooldridge, 2010). Fortunately, in
the case of South Africa, NIDS has released panel weights along with the data, which are
intended to correct for bias resulting from non-random attrition between Wave 1 and sub-
sequent waves (Branson and Wittenberg, 2019). The IFLS similarly has cross-sectional and
panel weights designed to correct for attrition and sampling design. The panel weights
adjust the original survey design to ensure that the weighted distribution of households
who remain in the sample (non-attritors) is comparable to the cross-sectional distribution
of households in the first wave. The panel weights in the IFLS, though, are only included
for individuals who are present in all five waves.

To determine whether attrition is non-random, we perform a series of tests. These tests
rely on a binary variable indicating whether an individual present in one wave exits the
survey in the subsequent wave. We conduct two tests that are commonly applied in the
literature to determine whether attrition is random: attrition probits (Fitzgerald et al., 1998)
in which the attrition variable is regressed on the outcome variable of interest and the
Becketti, Gould, Lillard and Welch (or BGLW) test (Becketti et al., 1988), which is simply the
inverse of the attrition probit, in which the attrition selection is based on the significance
of the coefficient of the attrition dummy. Significant coefficients indicate the presence of
non-random attrition, which can be remedied by applying inverse probability weights. To
determine whether the weights have corrected the issue of attrition, all specifications for
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both tests are conducted with and without weights.

The tests are conducted separately for each outcome of interest. In our case, this is
complicated by the fact that our outcome variables of interest (i.e., whether an individual
has transitioned in their status of employment, sector, etc.) depends on an individual being
present in at least two waves. Consequently, no such variable can be created for those that
attrite. We use the underlying variables (status in employment, sector, etc.) as a proxy to
determine whether attrition is non-random.

Table B.3, presents the results of the attrition probit and the BGLW test for South Africa.
Applying the panel weights produces attrition test results that generally indicate that at-
trition is random, suggesting that the weights perform well. We thus apply these weights
in our analysis. Similar to the NIDS, the IFLS provides weights to correct for attrition
and sampling bias, creating a more representative sample to that of the population in the
thirteen provinces captured in the survey. It must be noted that the included weights in
the IFLS correct for attrition of the entire sample, not for that of the employment module.
Table B.4 shows the results of the tests for random attrition in Indonesia. It is clear that

attrition is not random; however, the bias decreases once the weights are used.

Table B.2: Panel sample sizes and attrition rates between waves, employment module, Indonesia
(IFLS)

Indonesia (answered Indonesia (employed

employment module) individuals)

Sample size

Wave 1 14,416 9649

Wave 2 19,866 11825

Wave 3 25,420 16939

Wave 4 29,052 19985

Wave 5 34,420 24120
Attrition rate

Wave 1 to Wave 2 21.16% 31.55%

Wave 2 to Wave 3 22.69% 28.02%

Wave 3 to Wave 4 37.63% 41.44%

Wave 4 to Wave 5 33.35% 39.75%

Notes: This table displays the sample sizes and attrition rates of individuals who answered the employment
module in the IFLS, as well as those who are employed in Indonesia. Source: authors’ calculations based
on IFLS.
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Table B.3: Results of the tests for selective attrition, South Africa (NIDS)

Outcome STE Nature: formal Sector Occupation
Attrition tests ~ Attrition probit BGLW test Attrition probit BGLW test Attrition probit BGLW test Attrition probit BGLW test

W1 to W2

without weights

Coefficient -0.16*** 0.20%** -0.01** -0.01

outcome (0.26) (0.04) (0.01) (0.01)

Attrition -0.12%* 0.08*** -0.26** -0.10
coefficient (0.02) (0.02) (0.11) (0.09)

with panel weights

Coefficient -0.02 -0.01 -0.00 0.00

outcome (0.06) (0.13) (0.02) 0.02)

Attrition -0.01 -0.02 -0.01 -0.32%*
coefficient (0.01) (0.02) (0.14) (0.16)

W2 to W3

without weights

Coefficient -0.02 0.05 -0.00 -0.01**

outcome (0.04) (0.04) (0.01) (0.00)

Attrition -0.01*** 0.02*** -0.45%** -0.45%**
coefficient (0.02) (0.02) (0.11) (0.11)

with panel weights

Coefficient -0.03 0.15* -0.02 0.00

outcome (0.08) (0.08) (0.01) (0.01)

Attrition -0.01 -0.07* -0.59 0.16
coefficient (0.03) (0.04) (0.40) (0.35)

W3 to W4

without weights

Coefficient -0.02 0.04 0.00 -0.02%**

outcome (0.04) (0.04) (0.00) (0.01)

Attrition -0.01 0.02 0.06 -0.28***
coefficient (0.02) (0.02) (0.14) (0.10)

with panel weights

Coefficient -0.08 -0.09 -0.01 -0.02

outcome 0.11) 0.11) (0.01) (0.02)

Attrition -0.03 -0.05 -0.24 -0.60
coefficient (0.04) (0.06) (0.51) (0.52)

W4 to W5

without weights

Coefficient -0.00 -0.01 0.01 -0.01*

outcome (0.03) (0.03) (0.01) (0.00)

Attrition -0.00 -0.01 0.13 -0.15*
coefficient (0.01) (0.01) (0.09) (0.00)

with panel weights

Coefficient -0.05 -0.03 -0.01 0.01

outcome 0.12) (0.09) (0.01) (0.02)

Attrition -0.02 -0.02 -0.18 0.33
coefficient (0.05) (0.05) (0.26) (0.28)

Notes: This table presents the results of the attrition probit and the BGLW test for South Africa. * p < 0.10,
** p < 0.05, *** p < 0.01, with significant coefficients here indicating that attrition is non-random. For the
NIDS, the panel weights are provided by NIDS to correct for non-random attrition. Standard errors in
parentheses. Source: authors’ calculations based on NIDS.
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Table B.4: Results of the tests for selective attrition, Indonesia (IFLS)

Outcome STE Nature: formal Sector Occupation
Attrition tests ~ Attrition probit BGLW test Attrition probit BGLW test Attrition probit BGLW test Attrition probit BGLW test

W1 to W2

without weights

Coefficient -0.078*** 0.162***

outcome (0.017) (0.054)

Attrition -0.286%** 0.059***
coefficient (0.063) (0.019)

with weights

Coefficient -0.074*** 0.187**

outcome (0.020) (0.076)

Attrition -0.276*** 0.062**
coefficient (0.069) (0.026)

W2 to W3

without weights

Coefficient -0.048** 0.038*** -0.037**

outcome (0.020) (0.009) (0.017)

Attrition -0.203** 0.825*** -0.222**
coefficient (0.086) (0.188) (0.096)

with weights

Coefficient -0.044** 0.036*** -0.035*

outcome (0.021) (0.010) (0.021)

Attrition -0.186** 0.772%** -0.204*
coefficient (0.086) (0.212) (0.122)

W3 to W4

without weights

Coefficient -0.131*** 0.021*** -0.012

outcome (0.012) (0.003) (0.009)

Attrition -0.495*** 1.153*** -0.069
coefficient (0.046) (0.135) (0.051)

with weights

Coefficient -0.120%** 0.022#** -0.027+*

outcome (0.013) (0.003) (0.012)

Attrition -0.462%** 1.234%* -0.154**
coefficient (0.045) (0.172) (0.070)

W4 to W5

without weights

Coefficient -0.131%** 0.301*** 0.246*** 0.050

outcome (0.010) (0.036) (0.017) (0.031)

Attrition -0.501** 0.077*** 0.353*** 0.019*
coefficient (0.039) (0.009) (0.024) (0.011)

with weights

Coefficient -0.137#** 0.348*** 0.250%** 0.078*

outcome (0.011) (0.040) (0.018) (0.041)

Attrition -0.523*** 0.087*** 0.380*** 0.028*
coefficient (0.037) (0.012) (0.024) (0.015)

Notes: This table presents the results of the attrition probit and the BGLW test for Indonesia. * p < 0.10,
** p < 0.05, *** p < 0.01, with significant coefficients here indicating that attrition is non-random. For the
IFLS, weights are provided by IFLS to correct for non-random attrition and sampling. Standard errors in
parentheses. Source: authors’ calculations based on IFLS.
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Appendix C: Differences in the composition of labour market variables across and within cohorts in In-

donesia and South Africa

Table C.1: Share of workers by status of employment, sector, occupation skill level and formality by age cohort in South Africa, wave 1 (2008) and wave 5
(2017)

Status of employment Sector
Employee Self-employed Contr. family work Agriculture Industry Services
Birth W1 W5 W1 W5 W1 W5 W1 W5 W1 W5 W1 W5
Cohort age ‘08 Age ‘17 Diff Diff Diff Diff Diff Diff
year ‘08 ‘17 ‘08 ‘17 ‘08 ‘17 ‘08 ‘17 ‘08 “17 ‘08 “17
1984- 1993 ?10511;1;) 24-33 0.72 0.90 0.18 0.07 0.09 0.03 0.22 0.01 -0.21 0.18 0.06 -0.12 0.32 0.28 -0.04 050 0.66 0.16
1974-1983 g;n;j;)l 34-43 0.82 0.88 0.05 0.11 0.12 0.01 0.07 0.01 -0.06 0.16 0.08 -0.08 0.28 0.30 0.02 0.55 0.62 0.07
Prime 2
1964-1973 (35-44) 44-53 0.80 0.84 0.04 0.14 0.14 0.00 0.06 0.02 -0.04 0.16 0.09 -0.07 0.24 0.24 0.00 0.59 0.66 0.07
Prime 3
1954-1963 (45-54) 54-63 0.73 0.79 0.06 0.18 0.19 0.01 0.09 0.02 -0.07 0.17 0.11 -0.06 0.26 0.26 0.00 0.57 0.63 0.05
1944-1953 (OSISdeL) 64-73 0.64 059 -0.05 0.16 0.28 0.11 0.20 0.14 -0.06 0.21 0.24 0.03 0.22 0.15 -0.07 0.57 0.61 0.04
Occupations Nature of employment
Skill level 1 Skill level 2 Skill level 3 and 4 Formality
Birth Wi W5 w1 W5 w1 W5 Wi W5
Age in ‘08 Age ‘17 Diff Diff Diff Diff
year ‘08 ‘17 ‘08 ‘17 ‘08 ‘17 ‘08 ‘17
Youth
1984-1993 (1051,124) 24-33 033 021 -0.12 056 057 0.01 0.11 0.22 0.10 0.34 0.59 0.25
Prime 1
1974-1983 (25-34) 34-43 0.29 0.25 -0.04 0.55 053 -0.01 0.16 0.21 0.05 0.52 0.64 0.12
Pri 2
1964-1973 (;;“Zi) 44-53 029 031 001 049 043 -0.07 021 027 005 056 0.58 0.02
1954-1963 :‘;rgz)?’ 54-63 035 0.30 -0.05 0.43 0.49 0.05 0.22 0.22 0.00 0.53 0.57 0.05
Older
1944-1953 (55-64) 64-73 0.39 020 -0.18 045 0.40 -0.04 0.17 0.39 0.23 0.48 0.44 -0.05

Notes: The table illustrates the evolution across waves 1 and 5 in the share of workers in each employment status, sector, occupation skill level and formality by age cohorts
in South Africa. ‘Diff” denoted the difference in the share between Wave 1 (2008) and Wave 5 (2017). Panel weights are applied. Source: authors elaboration based on NIDS.
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Table C.2: Share of workers by status of employment, sector, occupation skill level and formality in Indonesia by age cohort, wave 1 (1993), wave 4(2007/08)
and wave 5 (2014/15)

Status of Employment

Employee Own Account Worker Contributing Family Worker

Avol

Bt zog(;]/l(l)g W1 W4 W5  Dif Diff WI W4 W5  Diff Diff W1 W4 W5  Diff  Diff

11 ear

y Wa) ‘93 '07/08 ’14/15 W1-W4 W4-W5 93 ’07/08 '14/15 W1-W4 W4-W5 93 ’07/08 ’14/15 W1-W4 W4-W5

Youth

1983-1992 0.63 0.67 0.04 0.11 0.23 0.12 0.26 0.09 -0.17
(15-24)
Prime 1

1973-1982 (25-34) 0.42 0.57 0.55 0.15 -0.02 0.17 0.28 0.34 0.11 0.06 0.40 0.13 0.08 -0.26 -0.05
Prime 2

1963-1972 (35-44) 0.44 0.47 0.47 0.02 0.01 0.40 0.39 0.41 -0.01 0.02 0.14 0.12 0.09 -0.02 -0.03
Prime 3

1953-1962 (45-54) 0.44 0.38 0.37 -0.06 -0.01 0.46 0.48 0.52 0.02 0.04 0.09 0.13 0.09 0.04 -0.04
Older

1943-1952 (55-64) 0.36 0.25 0.21 -0.11 -0.04 0.51 0.58 0.66 0.07 0.08 0.11 0.15 0.11 0.04 -0.04

Sector
Agriculture Industry Services
Bt ZAO%G;/I:)S W2 W4 W5  Diff Dif W2 W4 W5  Diff Dif W2 W4 W5  Diff  Diff
11 ear
y Wa) '97/98 ’07/08 ‘14/15 WI1-W4 W4-W5 ’97/98 '07/08 ’'14/15 W1-W4 W4-W5 '97/98 ’'07/08 '14/15 WI1-W4 W4-W5

Youth

1983-1992 0.27 0.18 -0.08 0.25 0.27 0.02 0.48 0.55 0.06
(15-24)
Prime 1

1973-1982 (25-34) 0.26 0.26 0.23 0.00 -0.03 0.37 0.24 0.23 -0.13 -0.01 0.37 0.50 0.53 0.13 0.04
Prime 2

1963-1972 (35-44) 0.28 0.31 0.29 0.03 -0.01 0.29 0.19 0.19 -0.10 0.00 0.43 0.50 0.52 0.07 0.01
Prime 3

1953-1962 (45-54) 0.32 0.39 0.40 0.07 0.01 0.23 0.15 0.13 -0.08 -0.01 0.45 0.46 0.46 0.01 0.00
1

1943-1952 (O55dzfl) 0.42 0.52 0.53 0.11 0.01 0.16 0.09 0.10 -0.07 0.01 0.42 0.39 0.37 -0.03 -0.02
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Occupation

Nature of Employment

Low skill Medium skill High skill Formality
Birth Z)%e;/r;g Wi W4 W5  Dif Dif W1 W4 W5  Diff Diff WI W4 W5  Diff  Diff W4 W5  Diff
11 ear
y i ‘93 ‘07/08 ‘14/15 WI-W4 W4W5 93 ‘07/08 '14/15 WI1-W4 W4W5 93 ‘07/08 '14/15 WIL-W4 W4-W5 ‘07/08 '14/15 WAW5
1983-1992 2{10511;};) 000 009 008 000 -002 000 08 08 000 -0.04 000 007 013 000 006 009 020 012
Prime 1
19731982 (0 007 008 008 001 000 087 083 08 005 000 082 009 010 008 001 014 016 001
Prime 2
196-1972 (T 004 005 008 005 000 085 081 082 003 001 0 010 010 001 001 014 014 000
Prime 3
1951962 SO 005 008 007 003 001 086 084 085 002 001 01l 009 008 003 001 013 011 003
Older
19431952 SO 003 007 006 004 001 0% 087 0% 002 005 010 006 002 005 004 004 003 001

Notes: The table illustrates the evolution across wave 1 (1993), wave 4(2007/08) and wave 5 (2014/15) in the share of workers in each employment status, sector, occupation
skill level and formality by age cohorts in Indonesia. ‘Diff” denoted the difference in the share between waves 1 and 4 (1993-2008) and waves 4 and 5 (2008-2015). Panel

weights are applied. Source: authors elaboration based on IFLS.
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Appendix D: Transitions across labour market statuses over time by age-cohort, South Africa and Indone-
sia

Table D.1: Share of individuals transitioning across labour force statuses (employment, unemployment and inactivity) between survey waves in South
Africa and Indonesia)

South Africa Indonesia

Cohortagein v vvo wows WaWw4 WAW5 WIW2 W2W3 W3W4  WAWS
2007/08
Youth

38.22% 46.90% 49.74% 42.93% 57.20% 44.57%
(15-24)
Prime 1
rime 4453% 41.14% 3347% 30.10% 4435% 41.67% 34.16% 22.01%
(25-34)
Prime 2
rme 36.38% 31.17% 3433% 2926% 23.17% 22.79% 18.67% 16.33%
(35-44)
Ny
rime 3 31.98% 29.60% 29.22% 28.89% 17.16% 1650% 1631% 18.02%
(45-54)
Older
5561 27.04% 20.67% 22.46% 17.43% 16.24% 17.48% 22.19% 25.67%
Overall 35.92% 33.38% 34.45% 32.59% 21.08% 2432% 2470% 24.71%

Notes: The table depicts the share of individuals who have transitioned (irrespective of their direction) between labour force statuses (employment, unemployment and
inactivity) between the respective survey waves Age cohorts fixed in W1 (2008) for South Africa and W4 (2007/08) for Indonesia, Panel weights applied. Source: authors
elaboration based on NIDS and IFLS.
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Table D.2: Share of individuals who have transitioned across different mid-skill level occupations in Indonesia

Occupation (craft/trades to agriculture) Occupation (agriculture to services and sales) Occupation (craft/trades to services/sales)

Cohort age
Birth year in W4 WIW2 W2W3 W3W4  W4W5  WIW2 W2W3 W3W4 W4WS5 WIW2 W2W3 W3W4 WAWS5
(07/708)
1983-1992 1~Youth 2.22% 2.13% 432% 5.10% 2.76% 5.86%
(15-24)
2-Primel
1973-1982 2531 0.00%  544%  3.03% 2.21% 215% 1.85%  3.85% 3.64% 1.89%  438%  4.90% 451%
1963-1972 ?3? rz;ez 2.00% 2.89%  2.24% 1.70% 3.86% 237%  2.80% 3.42% 287% 3.82%  4.32% 2.86%
1953-1962 Zg‘g@ 1.08% 3.92%  2.62% 2.38% 287% 237%  3.14% 410% 155% 3.28%  3.07% 2.65%
5-Older
1943-1952 5560 201% 3.44%  3.19% 1.30% 3.74%  2.60%  3.41% 497% 1.84% 1.99%  2.37% 1.69%
Overall 1.63% 3.72%  2.65% 2.00% 3.03% 2.40%  3.36% 4.00% 1.86% 3.06%  3.42% 3.29%

Notes: The table depicts the share of individuals who have transitioned between the following mid-level occupations in Indonesia: craft/trades to agriculture, agriculture
to services and sales, and craft/trades to services and sales, across the respective survey waves. Age cohorts fixed in W4 (2007/08). Panel weights applied. Source: authors
calculations based on IFLS.
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E Section 6 — Additional analyses

Table E.1: South Africa: Occupation — stayers vs transitioners with cognitive skills

) 2 (3) 4)

Age 0.0539 0.0508 0.0571 0.0564

(0.036) (0.037) (0.037) (0.037)
Age® -0.0009**  -0.0008**  -0.0009**  -0.0009**

(0.000) (0.000) (0.000) (0.000)
HHsize 0.0034 0.0024 0.0036 0.0036

(0.004) (0.004) (0.004) (0.004)
Rural 0.0628 0.0461 0.0642 0.0643

(0.043) (0.044) (0.043) (0.043)
Middle skill (edu) ~ -0.1040**  -0.1079**  -0.1070**  -0.1075**

(0.046) (0.046) (0.046) (0.046)
High skill (edu) -0.1391%%*  -0.1456***  -0.1440***  -0.1439***

(0.048) (0.048) (0.048) (0.048)
Literacy home lang 0.0030

(0.012)
Literacy english 0.0124
(0.011)
Comp lit -0.0122
(0.014)
Driver’s licence -0.0373
(0.028)
N 15497 14833 15174 15172
R? 0.523 0.521 0.523 0.523

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province and
include individual and age-cohort x wave fixed effects. *p < 0.1, % * p < 0.05, * * *p < 0.01. Source: authors
elaboration based on NIDS.

Table E.2: South Africa: Nature of Employment — stayers vs transitioners with cognitive skills

1 2 3 1 5
Age 0.0138 0.0078 0.0156 0.0078 0.0144
(0.034) (0.035) (0.034) (0.034) (0.035)
Age® -0.0001 0.0001 -0.0001 20.0000  -0.0001
(0.000) (0.000) (0.000) (0.000) (0.000)
HHsize 00062  -00063  -0.0067*  -0.0066*  -0.0069*
(0.004) (0.004) (0.004) (0.004) (0.004)
Rural 0.0541 0.0559 0.0544 0.0587 0.0594
(0.043) (0.046) (0.043) (0.043) (0.044)
Middle skill (edu) 0.0090 0.0112 0.0073 0.0047 0.0053
(0.080) (0.081) (0.080) (0.081) (0.081)
High skill (edu) -0.0021 200056  -0.0037  -0.003  -0.0061
(0.083) (0.084) (0.083) (0.084) (0.084)
Skill level occ 00215  -0.0265*  -0.0217  -0.0202  -0.0216
(0.014) (0.014) (0.014) (0.014) (0.014)
Start informal 20.3111%*  -0.30974%*  -0.3106™* -0.3174** -0.3138"*

(0.020) (0.020) (0.020) (0.020) (0.020)
Literacy home lang 0.0034

(0.013)
Literacy english -0.0042
(0.011)
Literacy both 0.0002
(0.011)
Comp lit 0.0276**
(0.012)
Driver’s licence -0.0094
(0.025)
N 13112 12477 13116 12898 12895
R? 0.527 0.529 0.527 0.528 0.527

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province and
include individual and age-cohort x wave fixed effects. *p < 0.1, * * p < 0.05, * * *p < 0.01. Source: authors
elaboration based on NIDS.
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Table E.3: South Africa: Sector — Stayers vs Transitioners

) @ G3) ) ) (6)
OLS OLS OLS OLS OLS OLS
Age 0.0165***  0.0588**  0.0219**  0.0396** 0.0369 0.0321
(0.003) (0.004) (0.005) (0.018) (0.037) (0.037)
Age? -0.0002***  -0.0004**  -0.0002***  -0.0005***  -0.0004 -0.0004
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize -0.0048***  -0.0020  -0.0052***  -0.0034 -0.0030 -0.0025
(0.002) (0.002) (0.002) (0.004) (0.003) (0.003)
Rural -0.0074 -0.0385** -0.0076 -0.0655**  -0.0664**  -0.0691**
(0.011) (0.019) (0.012) (0.029) (0.030) (0.030)
Middle skill (edu) -0.0074 0.0326 -0.0066 0.0234 0.0252 0.0119
(0.016) (0.039) (0.017) (0.062) (0.060) (0.058)
High skill (edu) -0.0336* 0.0401 -0.0354* 0.0421 0.0426 0.0287
(0.017) (0.040) (0.018) (0.065) (0.064) (0.062)
Occ skill level -0.0379***  -0.0132*  -0.0383***  -0.0161 -0.0162 -0.0170
(0.008) (0.007) (0.008) (0.015) (0.015) (0.014)
Start agriculture -0.3790***
(0.041)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 16518 25223 15814 12419 12419 12419
R? 0.021 0.089 0.022 0.561 0.564 0.572

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % % p < 0.05, % x xp < 0.01. Source: authors elaboration based on NIDS.

Table E.4: South Africa: Sector — stayers vs transitioners with cognitive skills

1 2 3 4 5
Age 0.0362 0.0384 0.0361 0.0382 0.0359
(0.038) (0.039) (0.038) (0.038) (0.038)
Age? -0.0004 -0.0004 -0.0004 -0.0004 -0.0004
(0.000) (0.000) (0.000) (0.000) (0.000)
HHsize -0.0025 -0.0028 -0.0025 -0.0026 -0.0028
(0.003) (0.004) (0.003) (0.003) (0.003)
Rural -0.0698**  -0.0818*  -0.0702**  -0.0712**  -0.0702**
(0.031) (0.033) (0.031) (0.031) (0.031)
Middle skill (edu) -0.0108 -0.0177 -0.0097 -0.0066 -0.0084
(0.056) (0.056) (0.056) (0.056) (0.056)
High skill (edu) 0.0033 0.0123 0.0040 0.0066 0.0056
(0.059) (0.060) (0.059) (0.060) (0.059)
Skill level occ -0.0172 -0.0135 -0.0173 -0.0167 -0.0164
(0.015) (0.016) (0.015) (0.015) (0.015)
Start agriculture -0.3827***  -0.3776***  -0.3810***  -0.3865***  -0.3928***
(0.042) (0.042) (0.042) (0.043) (0.043)
Literacy home lang ~ -0.0083
(0.014)
Literacy english -0.0200
(0.013)
Literacy both -0.0131
(0.012)
Comp lit -0.0178
(0.012)
Driver’s licence -0.0148
(0.025)
N 12223 11653 12223 12029 12027
R? 0.574 0.576 0.574 0.574 0.574

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.

xp < 0.1, % x p < 0.05, % * xp < 0.01. Source: authors elaboration based on NIDS.
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Table E.5: South Africa: Status of employment — Stayers vs Transitioners

™ @ (6] ) ®)

Age 0.0020 0.0231%*** 0.0039 0.0088  -0.0033

(0.002) (0.002) (0.004)  (0.013)  (0.022)
Age® -0.0000  -0.0001**  0.0000  -0.0001  0.0002

(0.000) (0.000) (0.000)  (0.000)  (0.000)
HHsize -0.0019* -0.0004 -0.0019*  0.0031  0.0033

(0.001) (0.001) (0.001)  (0.002)  (0.002)
Rural 0.0393***  -0.0158  0.0407***  0.0004  0.0062

(0.009) (0.012) (0.009)  (0.019)  (0.020)
Middle skill (edu) 0.0070 0.0364* 0.0044 0.0420  0.0320

(0.011) (0.020) (0.011)  (0.054)  (0.054)
High skill (edu) -0.0053 0.0318 -0.0100  0.0330  0.0109

(0.012) (0.021) (0.012)  (0.058)  (0.058)
Occ skill level -0.0020

(0.010)

Individual FE No Yes No Yes Yes
Wave FE No No No Yes No
Age cohort FE No No Yes Yes No
Age cohort X wave FE No No No No Yes
N 21469 34537 20510 15768 16917
R? 0.007 0.052 0.009 0.551 0.552

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % % p < 0.05, % x xp < 0.01. Source: authors elaboration based on NIDS.

Table E.6: South Africa: Status of employment — stayers vs transitioners with cognitive skills

Age 0.0029 0.0148 -0.0026 -0.0053 -0.0044
0.023)  (0.023) (0.023) (0.023)  (0.023)
Age® 00002 -0.0000 0.0002  0.0002  0.0002
(0.000)  (0.000) (0.000)  (0.000)  (0.000)
HHsize 00034 00027 00033 00031  0.0032
(0.002) (0.002) (0.002) (0.002)  (0.002)
Rural 00065 0.0019 0.0065 00085  0.0079

(0.020)  (0.022)  (0.020)  (0.020)  (0.020)
Middle skill (edu) ~ 0.0513  0.0582  0.0534  0.0492  0.0524

(0.052)  (0.052) (0.052) (0.052)  (0.052)
High skill (edu) 0.0309 0.0268  0.0335  0.0306  0.0314

(0.056)  (0.056) (0.056)  (0.056)  (0.056)
Literacy home lang  -0.0063

(0.008)
Literacy english 0.0118
(0.007)
Literacy both 0.0153*
(0.008)
Comp lit 0.0187**
(0.009)
Driver’s licence -0.0155
(0.018)
N 16600 15877 16604 16250 16247
R? 0.553 0.552 0.553 0.553 0.552

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province and
include individual and age-cohort x wave fixed effects. *p < 0.1, * % p < 0.05, * * *p < 0.01. Source: authors
elaboration based on NIDS.
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Table E.7: Indonesia stayers vs transitioners: sector - cognitive and socioemotional skills

@ @ @) 4) ©)
Age -0.0186  0.0413**  0.0411***  0.0107***  0.0108***
(0.047) (0.015) (0.015) (0.003) (0.003)
Age® -0.0014*  -0.0011***  -0.0011***  -0.0001**  -0.0001***
(0.001) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0046 -0.0036 -0.0036 0.0054***  0.0054***
(0.011) (0.004) (0.004) (0.001) (0.001)
Rural -0.1263**  -0.0515**  -0.0508**  0.0284***  0.0286***
(0.061) (0.023) (0.023) (0.006) (0.006)
Mid-edu -0.0373 -0.0127 -0.0124  -0.0232***  -0.0241**
(0.102) (0.033) (0.033) (0.007) (0.007)
High-edu -0.1054 -0.0296 -0.0296  -0.0948***  -0.0962***
(0.121) (0.047) (0.047) (0.009) (0.009)
Occ skill -0.0167 0.0051 0.0052 -0.0312***  -0.0313***
(0.040) (0.015) (0.015) (0.006) (0.006)
Agric_start -0.0838*  -0.0962***  -0.0970***  -0.1764**  -0.1762***
(0.047) (0.017) (0.017) (0.004) (0.004)
Cog_easy -0.0056
(0.006)
Cog_hard -0.0064** 0.0007
(0.003) (0.001)
All_cog -0.0049**
(0.002)
Neuroticism 0.0002 0.0002
(0.001) (0.001)
Extraversion -0.0016 -0.0016
(0.001) (0.001)
Openness 0.0038** 0.0037**
(0.001) (0.001)
Agreeableness -0.0023 -0.0023
(0.002) (0.002)
Conscientiousness -0.0024 -0.0025
(0.002) (0.002)
Individual FE Yes Yes Yes No No
Age cohort FE No No No Yes Yes
Age cohort X wave FE Yes Yes Yes No No
N 1110 8601 8601 19568 19564
R? 0.644 0.548 0.548 0.054 0.054

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
*p < 0.1, % % p < 0.05, % * xp < 0.01. Source: authors elaboration based on IFLS.
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Table E.8: Indonesia stayers vs transitioners: status of employment - cognitive and socioemotional
skills

€] 2 (©) “4) ©)
Age -0.0473 0.0181 0.0181 0.0086***  0.0086***
(0.046) (0.016) (0.016) (0.003) (0.003)
Age? -0.0004 -0.0004**  -0.0004** -0.0001* -0.0001*
(0.001) (0.000) (0.000) (0.000) (0.000)
HHsize -0.0095 0.0030 0.0030 0.0084***  (0.0084***
(0.010) (0.004) (0.004) (0.001) (0.001)
Rural 0.0150 -0.0096 -0.0100 0.0409***  0.0407***
(0.050) (0.021) (0.021) (0.006) (0.006)
Mid-edu 0.1314 0.0732** 0.0731**  -0.0538**  -0.0532***
(0.092) (0.034) (0.034) (0.007) (0.007)
High-edu 0.0642 0.0909* 0.0911* -0.1080***  -0.1071***
(0.109) (0.047) (0.047) (0.009) (0.009)
Occ skill 0.0043 0.0069 0.0070 -0.0135**  -0.0134**
(0.033) (0.013) (0.013) (0.006) (0.006)
CFW _start -0.4791***  -0.3533***  -0.3531*** -0.1569***  -0.1572***
(0.044) (0.019) (0.019) (0.004) (0.004)
Cog_easy 0.0131***
(0.005)
Cog_hard 0.0043 -0.0006
(0.003) (0.001)
All_cog 0.0025
(0.002)
Neuroticism 0.0010 0.0010
(0.001) (0.001)
Extraversion 0.0000 0.0000
(0.001) (0.001)
Openness -0.0019 -0.0019
(0.001) (0.001)
Agreeableness 0.0009 0.0008
(0.002) (0.002)
Conscientiousness -0.0010 -0.0010
(0.002) (0.002)
Individual FE Yes Yes Yes No No
Age cohort FE No No No Yes Yes
Age cohort X wave FE Yes Yes Yes No No
N 1074 8413 8413 19640 19635
R? 0.718 0.573 0.573 0.053 0.053

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % % p < 0.05, % * xp < 0.01. Source: authors elaboration based on IFLS.
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Table E.9: Indonesia: Nature of Employment — stayers vs transitioners

() @ G) @)
Age 0.0070***  0.0068**  0.0070***  0.0042**
(0.001) (0.002) (0.002) (0.002)
Age® -0.0001***  -0.0001**  -0.0001***  -0.0000**
(0.000) (0.000) (0.000) (0.000)
HHsize 0.0021***  0.0024***  0.0023***  0.0019**
(0.001) (0.001) (0.001) (0.001)
Rural -0.0166***  -0.0180***  -0.0181**  -0.0183***
(0.003) (0.003) (0.003) (0.003)
Mid-edu 0.0407***  0.0420**  0.0414***  0.0400***
(0.003) (0.003) (0.003) (0.003)
High-edu 0.0691***  0.0720**  0.0666™**  0.0600***
(0.005) (0.005) (0.006) (0.006)
Occ skill 0.0113*** 0.0078*
(0.004) (0.004)
Informal_start -0.0787***
(0.003)
Age cohort FE No Yes Yes Yes
N 23005 21074 20973 20973
R? 0.028 0.026 0.027 0.056

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % x p < 0.05, % % *p < 0.01. Source: authors elaboration based on IFLS.

Table E.10: Indonesia: Nature of Employment — stayers vs transitioners with cognitive and socioe-
motional skills

@® @ ®) 4) ©)
Age -0.0713 0.0043** 0.0042** 0.0044** 0.0045**
(0.055) (0.002) (0.002) (0.002) (0.002)
Age® 0.0016 -0.0000**  -0.0000**  -0.0000**  -0.0000**
(0.001) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0047** 0.0019** 0.0019** 0.0018** 0.0017**
(0.002) (0.001) (0.001) (0.001) (0.001)
Rural -0.0188**  -0.0180***  -0.0179***  -0.0181**  -0.0176***
(0.009) (0.003) (0.003) (0.003) (0.003)
Mid-edu 0.0198* 0.0384***  0.0380***  0.0398***  0.0380***
(0.010) (0.003) (0.003) (0.003) (0.003)
High-edu 0.0141 0.0572***  0.0560***  0.0601***  0.0571***
(0.014) (0.006) (0.006) (0.006) (0.006)
Occ skill 0.0353*** 0.0075* 0.0074* 0.0066 0.0064
(0.010) (0.004) (0.004) (0.004) (0.004)
Informal_start -0.0854***  -0.0783***  -0.0782**  -0.0782***  -0.0780***
(0.009) (0.003) (0.003) (0.003) (0.003)
Cog_easy -0.0004
(0.002)
Cog_hard 0.0014** 0.0016**
(0.001) (0.001)
All_cog 0.0012**
(0.001)
Neuroticism -0.0028***  -0.0027***
(0.001) (0.001)
Extraversion -0.0017**  -0.0017**
(0.001) (0.001)
Openness 0.0016** 0.0016**
(0.001) (0.001)
Agreeableness -0.0020**  -0.0020*
(0.001) (0.001)
Conscientiousness -0.0001 -0.0002
(0.001) (0.001)
N 2093 20964 20964 19640 19635
R? 0.086 0.056 0.056 0.057 0.057

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province and
include individual and age-cohort x wave fixed effects. *p < 0.1, % * p < 0.05, * * *p < 0.01. Source: authors
elaboration based on IFLS.
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Table E.11: Indonesia: Occupation — stayers vs transitioners

@® @ 6] C) ©®) (©)
Age 0.0126***  0.0305***  0.0090***  0.0225***  0.0207***  0.0156***
(0.000) (0.001) (0.001) (0.002) (0.004) (0.004)
Age® -0.0001***  -0.0003**  -0.0001***  -0.0003***  -0.0002***  -0.0002***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0031***  0.0041**  0.0034***  0.0043***  0.0038**  0.0041***
(0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
Rural -0.0373***  -0.0106  -0.0372***  -0.0075 -0.0069 -0.0055
(0.003) (0.008) (0.003) (0.008) (0.008) (0.008)
Mid-edu 0.0414%** -0.0121 0.0410*** -0.0146 -0.0145 -0.0120
(0.003) (0.010) (0.003) (0.010) (0.010) (0.009)
High-edu 0.0737+**  0.0804***  0.0743**  0.0740***  0.0731***  0.0786***
(0.005) (0.019) (0.005) (0.019) (0.019) (0.019)
Ind 0.0142** 0.0142** 0.0143**
(0.007) (0.007) (0.007)
Services 0.0461***  0.0463**  0.0765***
(0.007) (0.007) (0.006)
Low_start -0.5680***
(0.014)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 70106 70106 67926 47969 47969 47969
R? 0.043 0.063 0.043 0.515 0.517 0.549
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xp < 0.1, % x p < 0.05, % % xp < 0.01. Source: authors elaboration based on IFLS.



Table E.12: Indonesia: Occupation — stayers vs transitioners with cognitive and socioemotional
skills

1) ) 3 4) ©®)
Age -0.0591* 0.0226** 0.0226**  0.0102***  0.0103***
(0.035) (0.011) (0.011) (0.003) (0.003)
Age? 0.0005 -0.0003**  -0.0003**  -0.0001***  -0.0001***
(0.001) (0.000) (0.000) (0.000) (0.000)
HHsize -0.0072 0.0041 0.0041 0.0062***  0.0061***
(0.008) (0.003) (0.003) (0.001) (0.001)
Rural -0.0134 -0.0137 -0.0133 -0.0145***  -0.0137***
(0.046) (0.016) (0.016) (0.005) (0.005)
Mid-edu 0.0385 0.0302 0.0304 0.0312***  0.0276***
(0.058) (0.024) (0.024) (0.005) (0.005)
High-edu 0.2871**  0.2272***  0.2271***  0.0624***  0.0562***
(0.089) (0.041) (0.041) (0.008) (0.009)
Ind -0.0268 0.0196 0.0195 0.0650***  0.0637***
(0.039) (0.015) (0.015) (0.007) (0.007)
Services 0.0116 0.0492**  0.0492***  0.0796***  0.0787***
(0.039) (0.015) (0.015) (0.006) (0.006)
Low_start -0.6501***  -0.6233***  -0.6231***  -0.1037***  -0.1029***
(0.060) (0.024) (0.024) (0.004) (0.004)
Cog_easy -0.0093**
(0.004)
Cog_hard -0.0040* 0.0033***
(0.002) (0.001)
All_cog -0.0034**
(0.002)
Neuroticism -0.0020* -0.0018
(0.001) (0.001)
Extraversion 0.0001 0.0000
(0.001) (0.001)
Openness 0.0022* 0.0020*
(0.001) (0.001)
Agreeableness -0.0019 -0.0019
(0.002) (0.002)
Conscientiousness 0.0012 0.0012
(0.001) (0.001)
Individual FE Yes Yes Yes No No
Age cohort FE No No No Yes Yes
Age cohort X wave FE Yes Yes Yes No No
N 1110 8443 8443 19568 19564
R? 0.678 0.600 0.600 0.050 0.051

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % % p < 0.05, % % xp < 0.01. Source: authors elaboration based on IFLS.
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Table E.13: Indonesia: Sector and status of employment - fractional polynomial estimations

1 ()
Sector STE
Age 2.6872%**  1.8816%**
(0.345) (0.283)
Age2 -0.6507***  -0.4537***
(0.091) (0.073)
HHsize -0.0009 -0.0029*
(0.002) (0.002)
Rural -0.0315*** 0.0013
(0.011) (0.010)
Mid-edu 0.0026 -0.0054
(0.016) (0.013)
High-edu -0.0473** -0.0300*
(0.024) (0.018)
Occ skill -0.0278***  -0.0124**
(0.008) (0.006)
Agric_start  -0.1230***
(0.009)
CFW _start -0.3573***
(0.011)
N 36253 47490
R? 0.540 0.495

Notes: All estimations are linear probability models. Clustered standard errors at the individual level are in
parentheses. All columns control for province, as well as individual and age cohort X wave fixed effects.
x*p < 0.1, % x p < 0.05, % % xp < 0.01. Source: authors elaboration based on IFLS.

66



E.1 Estimations by gender

Table E.14: South Africa stayers vs. transitioners: Occupation — Men

@ @ ®) (C) ©®) (6)
Age 0.0243***  0.0812***  0.0242*** 0.0400 0.0518 0.0370
(0.004) (0.005) (0.007) (0.027) (0.048) (0.047)
Age® -0.0003***  -0.0005**  -0.0002***  -0.0006***  -0.0008 -0.0006
(0.000) (0.000) (0.000) (0.000) (0.001) (0.001)
HHsize -0.0051** 0.0012 -0.0049** 0.0035 0.0042 0.0044
(0.002) (0.003) (0.002) (0.006) (0.006) (0.006)
Rural 0.0602*+* 0.0444* 0.0616*** 0.1013* 0.1074* 0.1320**
(0.018) (0.025) (0.019) (0.057) (0.056) (0.058)
Middle skill (edu) 0.0106 -0.0514 0.0084 -0.1386*  -0.1343**  -0.1335**
(0.021) (0.039) (0.022) (0.055) (0.056) (0.055)
High skill (edu) 0.0085 -0.0635 0.0040 -0.1870**  -0.1842**  -0.1760***
(0.022) (0.042) (0.023) (0.056) (0.058) (0.057)
Start low-skilled occ -0.4361***
(0.033)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 10118 15950 9579 7946 7946 7946
R? 0.015 0.121 0.011 0.520 0.524 0.544

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % x p < 0.05, % *x xp < 0.01. Source: authors elaboration based on NIDS.

Table E.15: South Africa stayers vs. transitioners: Occupation — Women

@) 2 d) 4) ©)] (6)
Age 0.0288***  0.0812***  0.0340*** 0.0468* 0.0675 0.0644
(0.003) (0.005) (0.007) (0.027) (0.052) (0.050)
Age? -0.0003***  -0.0006***  -0.0004***  -0.0007***  -0.0010* -0.0009
(0.000) (0.000) (0.000) (0.000) (0.001) (0.001)
HHsize -0.0041** -0.0002 -0.0039* 0.0011 0.0014 0.0026
(0.002) (0.002) (0.002) (0.005) (0.005) (0.005)
Rural -0.0070 -0.0557* -0.0094 -0.0086 -0.0106 -0.0036
(0.016) (0.030) (0.016) (0.064) (0.063) (0.061)
Middle skill (edu) 0.0509*** -0.0030 0.0459** 0.0197 0.0255 -0.0030
(0.018) (0.042) (0.019) (0.049) (0.048) (0.052)
High skill (edu) 0.0465** -0.0020 0.0387* 0.0083 0.0113 -0.0125
(0.020) (0.046) (0.020) (0.057) (0.057) (0.060)
Start low-skilled occ -0.2284***
(0.028)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 10055 16003 9757 7822 7822 7822
R? 0.021 0.112 0.022 0.520 0.522 0.531

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
*p < 0.1, % x p < 0.05, % % xp < 0.01. Source: authors elaboration based on NIDS.
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Table E.16: South Africa stayers vs transitioners: Nature of employment — Men

€] 2 3) “) (©)] (6
Age 0.0126***  0.0713***  0.0273*** 0.0337 0.0252 -0.0144
(0.004) (0.005) (0.007) (0.023) (0.046) (0.042)
Age? -0.0001***  -0.0005***  -0.0003***  -0.0004***  -0.0003 0.0003
(0.000) (0.000) (0.000) (0.000) (0.001) (0.000)
HHsize -0.0007 -0.0048* -0.0005 -0.0048 -0.0056 -0.0044
(0.002) (0.003) (0.002) (0.005) (0.006) (0.005)
Rural 0.0050 -0.0194 0.0063 0.0005 -0.0095 0.0144
(0.017) (0.025) (0.018) (0.052) (0.055) (0.052)
Middle skill (edu) 0.0310 -0.0272 0.0317 -0.0379 -0.0239 -0.0496
(0.019) (0.047) (0.020) (0.087) (0.094) (0.091)
High skill (edu) 0.0449** -0.0472 0.0420* -0.0541 -0.0304 -0.0600
(0.022) (0.049) (0.023) (0.091) (0.098) (0.095)
Occ skill level -0.0229
(0.020)
Start at informal -0.2849***
(0.026)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 9037 14244 8576 6973 6472 6973
R? 0.007 0.087 0.013 0.510 0.512 0.530

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for the province.
xp < 0.1, % x p < 0.05, % % xp < 0.01. Source: authors elaboration based on NIDS.

Table E.17: South Africa stayers vs transitioners: Nature of employment — Women

) O] d) “) ®) ©6)

Age 0.0164**  0.0675***  0.0187***  0.0568** 0.0626 0.0511

(0.004) (0.005) (0.007) (0.026) (0.053) (0.048)
Age® -0.0002***  -0.0005***  -0.0002**  -0.0006***  -0.0007 -0.0004

(0.000) (0.000) (0.000) (0.000) (0.001) (0.000)
HHsize 0.0016 0.0009 0.0019 -0.0079 -0.0088* -0.0062

(0.002) (0.003) (0.002) (0.005) (0.005) (0.005)
Rural -0.0208 0.0499 -0.0214 0.1375**  0.1433*  0.1493**

(0.016) (0.031) (0.016) (0.062) (0.065) (0.058)
Middle skill (edu) 0.0540*** 0.0962 0.0508*** 0.1834 0.1940 0.1561

(0.018) (0.064) (0.018) (0.117) (0.125) (0.113)
High skill (edu) 0.0306* 0.0912 0.0247 0.1713 0.1799 0.1331

(0.018) (0.066) (0.019) (0.122) (0.129) (0.117)
Occ skill level -0.0261

(0.021)
Start at informal -0.3229%**
(0.026)

Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 9324 14940 9059 7214 6862 7214
R? 0.009 0.081 0.009 0.489 0.496 0.523

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for the province.
xp < 0.1, % % p < 0.05, % x xp < 0.01. Source: authors elaboration based on NIDS.
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Table E.18: Indonesia stayers vs. transitioners: Status of employment - Women

@ @ €] @) ©®) ()
Age 0.0156***  0.0531***  0.0146**  0.0387***  0.0257***  0.0169**
(0.001) (0.002) (0.001) (0.004) (0.008) (0.007)
Age® -0.0001***  -0.0005**  -0.0001***  -0.0005***  -0.0003**  -0.0002**
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize -0.0010 -0.0039 0.0003 -0.0032 -0.0045 -0.0034
(0.001) (0.003) (0.001) (0.003) (0.003) (0.003)
Rural 0.0414%** -0.0224 0.0460*** -0.0195 -0.0193 -0.0217
(0.005) (0.017) (0.005) (0.017) (0.017) (0.016)
Mid-edu -0.0413*** 0.0044 -0.0509*** 0.0044 0.0003 -0.0055
(0.005) (0.024) (0.005) (0.025) (0.025) (0.024)
High-edu -0.0964***  -0.0375  -0.1092***  -0.0443 -0.0549* -0.0486
(0.006) (0.031) (0.006) (0.031) (0.031) (0.030)
Occ skill -0.0008 -0.0023 -0.0019
(0.010) (0.010) (0.010)
Start as CFW -0.3198***
(0.014)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 29315 29315 28482 19442 19442 19442
R? 0.069 0.094 0.071 0.492 0.496 0.515

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % x p < 0.05, % x xp < 0.01. Source: authors elaboration based on IFLS.

Table E.19: Indonesia stayers vs. transitioners: Status of employment - Men

@ @) ®) @ ©) (6)
Age 0.0142**  0.0525**  0.0131***  0.0461***  0.0450**  0.0339***
(0.001) (0.002) (0.001) (0.003) (0.007) (0.007)
Age? -0.0001***  -0.0005**  -0.0001***  -0.0005***  -0.0005**  -0.0004***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0024**  -0.0055**  0.0033**  -0.0058**  -0.0040* -0.0017
(0.001) (0.002) (0.001) (0.002) (0.002) (0.002)
Rural 0.0196*** 0.0128 0.0220*** 0.0146 0.0141 0.0162
(0.004) (0.012) (0.004) (0.012) (0.012) (0.012)
Mid-edu -0.0382***  -0.0044  -0.0422**  -0.0059 -0.0054 -0.0038
(0.004) (0.015) (0.004) (0.015) (0.015) (0.015)
High-edu -0.0817***  -0.0032  -0.0869***  -0.0053 -0.0058 -0.0155
(0.006) (0.024) (0.006) (0.024) (0.024) (0.023)
Occ skill -0.0159**  -0.0170**  -0.0179**
(0.008) (0.008) (0.008)
Start as CFW -0.4423***
(0.018)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 40222 40222 38991 28045 28045 28045
R? 0.042 0.073 0.040 0.463 0.468 0.481

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % % p < 0.05, x x xp < 0.01. Source: authors elaboration based on IFLS.
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Table E.20: Indonesia stayers vs transitioners: Sector - Women

@® @ 6] G ©®) (6)
Age 0.0146***  0.0445***  0.0103**  0.0297***  0.0341***  0.0319***
(0.001) (0.003) (0.001) (0.005) (0.009) (0.009)
Age® -0.0001***  -0.0004***  -0.0000***  -0.0004***  -0.0004**  -0.0004***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0004 0.0009 0.0011 0.0015 0.0002 0.0007
(0.001) (0.003) (0.001) (0.003) (0.003) (0.003)
Rural 0.0060 -0.0692**  0.0096*  -0.0575**  -0.0574***  -0.0594***
(0.005) (0.017) (0.005) (0.017) (0.017) (0.017)
Mid-edu -0.0196*** 0.0062 -0.0249*** 0.0079 0.0038 0.0024
(0.005) (0.025) (0.006) (0.025) (0.025) (0.025)
High-edu -0.0617***  -0.0372  -0.0684***  -0.0323 -0.0465 -0.0351
(0.006) (0.036) (0.007) (0.037) (0.037) (0.036)
Occ skill -0.0266**  -0.0270**  -0.0232**
(0.012) (0.012) (0.012)
Start in agric -0.1088***
(0.013)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 25071 25071 24241 15005 15005 15005
R? 0.044 0.092 0.045 0.546 0.548 0.551

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % x p < 0.05, % x xp < 0.01. Source: authors elaboration based on IFLS.

Table E.21: Indonesia stayers vs transitioners: Sector - Men

@) @ ®) “) ©) (6
Age 0.0215***  0.0628**  0.0173***  0.0527***  0.0485**  0.0448***
(0.001) (0.002) (0.001) (0.005) (0.009) (0.009)
Age? -0.0002***  -0.0006***  -0.0001***  -0.0006***  -0.0005**  -0.0005***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
HHsize 0.0056*** -0.0020 0.0064*** -0.0021 -0.0022 -0.0021
(0.001) (0.003) (0.001) (0.003) (0.003) (0.003)
Rural 0.0018 -0.0133 0.0035 -0.0119 -0.0122 -0.0123
(0.005) (0.015) (0.005) (0.015) (0.015) (0.015)
Mid-edu -0.0164*** 0.0066 -0.0189*** 0.0047 0.0049 0.0037
(0.005) (0.021) (0.005) (0.020) (0.020) (0.020)
High-edu -0.0799***  -0.0390  -0.0836**  -0.0470 -0.0516 -0.0485
(0.007) (0.032) (0.007) (0.032) (0.032) (0.032)
Occ skill -0.0330***  -0.0336***  -0.0304***
(0.010) (0.010) (0.010)
Start in agric -0.1334***
(0.013)
Individual FE No Yes No Yes Yes Yes
Wave FE No No No Yes No No
Age cohort FE No No Yes Yes No No
Age cohort X wave FE No No No No Yes Yes
N 33652 33652 32460 21247 21245 21245
R? 0.049 0.111 0.046 0.525 0.529 0.532

Notes: Clustered standard errors at the individual level are in parentheses. All columns control for province.
xp < 0.1, % % p < 0.05, x x xp < 0.01. Source: authors elaboration based on IFLS.
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