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Overview

1. Overview of Young Lives

2. Evidence from the Listening to Young Lives at
Work: COVID-19 phone survey
a) Impact on young people’s wellbeing
b) Impact on youth labor market transitions

3. Youth employment resilience during COVID-19

4. Looking to the future: expanding our research
agenda on employment and upcoming plans



Young Lives study



• Young Lives is a mixed-methods multidisciplinary longitudinal 
study initiated 20 years ago

• Core-funded by DFID (up to June 2018) and others  (research 
foundations, international organizations, research grants etc..); 
new funding from FCDO for Young Lives at Work (2020-2025).

• Improve understanding of the causes and consequences of 
child poverty and to promote policy change in four developing 
countries: Ethiopia, India, Peru and Vietnam; 

• Studying the role of inequalities over the life-cycle to explain 
skills development and learning, health and nutrition, access 
to labour markets, family formation, and exposure to risk and 
violence, through a gender lens.

• Provide evidence to improve policies and practice.

Young Lives: an overview



Structure of Young 
Lives survey



Covid-19 cases, phone calls and country national lockdowns/restrictions

 The number of COVID-
19 cases and restrictive 
measures adopted  
differs dramatically by 
country: 
o India (and PE) 

implemented 
stringent national 
lockdowns (India’s 
national lockdown 
took place between 
March 23rd – 8th June 
(a total of 75 days)

o Vietnam only 
implemented a 
relatively short 15-day 
national “lockdown” 
in the beginning of 
April.

Call 1
Jun-July 2020

Call 2
Aug-Oct 2020

Call 3
Nov-Dec 2020



The impact of the pandemic on young people’s 
wellbeing: some evidence from YL phone 

survey



1. Falling income and increasing expenses

 Widespread reductions in income and 
increases in household expenses (increase 
in food prices), though with some country 
variation.

 In India, 8 out of 10 households 
reported reduced income and 
increased expenses, impacting rural 
and poorest households most, 
particularly Scheduled Castes and 
Scheduled Tribes

 By contrast in Vietnam, reduced 
income affected urban and 
wealthier households most, as the 
rural agricultural sector was less 
impacted by government responses 
to the pandemic.



2. Hunger: in India (and PE and ET) 1 in 6 household run out of 
food as effect of the pandemic

 In June/July 2020: 1 in 6 of the households surveyed in 
India (and PE and ET)  ran out of food at some point 
since the beginning of the crisis. 

 This percentage was even larger among households 
that faced food shortages in our last visit in 2016 –
and about twice as high in India. 

 In Vietnam, the proportion experiencing food 
insecurity was much lower at 4%.



3. The unequal effect of school and university closures

There is a risk that many poorer students, 
particularly young men in rural areas, will be left 
behind and may never return to education

A digital divide continues to exclude disadvantaged 
young people from accessing online learning 

In India, 41% of students have been able to access 
on-line learning, with a significant divide between 
richer and poorer households (51% and 27% 
respectively) and urban and rural areas (36% and 
53%). 



4. Mental health is affected by COVID-19 
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 Young women reported significantly higher rates of anxiety and depression in both India and Vietnam  
(and Peru)

 There is an association between adversity (economic and employment shocks) during the pandemic and 
rates of anxiety and depression

Source: Own depiction based Porter et.al., 2021.   



Youth labour market transitions and resilience
during Covid-19



What do we investigate?
 We investigate the transition in and out of employment pre-pandemic and throughout the pandemic 

period.  
 We investigate factors predicting young people’s ability (resilience) and inability (vulnerability) to cope 

with such a crisis.

Why is it important?
 The economic crisis has disproportionately hit young adults both in the education/training systems and 

in the labour market.
 Young people face short term effects but also long-term (permanent) scarring effects in their lifetime 

prospects.

How we do that?
 Data: individual-specific information throughout the respondent’s life and employment information 

collected pre-pandemic and throughout the pandemic period (in 3 LMICs who have a very different 
experience of the health, economic consequences of the pandemic and related restrictive measures).

Motivations and research questions



Timeline of employment information available in YL COVID-19 
Phone Survey 

Wave 1
Pre-COVID 
Dec-Feb (PE, 

VN);  
Jan-Feb (IN)

Wave 2
Lockdown

Mar - June 2020 
(PE, IN)

April 2020 (VN)

Wave 3
(Aug-Oct, 2020; 
previous week)

Wave 4 
Employment 

between Call 2 and 
3

Wave 5 
(Nov-Dec, 2020; 
previous week)

Analytical sample for the resilience analysis

 Sample restricted to those who reported “working” as the main activity pre-pandemic.



5. Lockdowns caused remarkably high job losses

 Employment reduced dramatically 
during the lockdown (even in VN)

 Remote working has been the 
exception, not the rule (the highest  
proportion registered in India, 15%)

 Post-lockdown employment bounced 
back, not at the pre-covid level yet

Figure. Proportion of young workers (employed pre-pandemic) 

employed over time, (YC+OC) 
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6. Post-lockdown 
(temporary?) shift toward 
agriculture, self-employment  
and unpaid work in India

 Increasing numbers of young people working in agriculture 
(particularly young men, from rural and the poorest 
households)
 This may be driven by return to family farms to bring in more 

household income to meet urgent basic needs

 Marked shift towards self-employment (linked to the shift towards 
agriculture; hiding an increase in informality too?) 

 Increase in unpaid work too

 Substantial decrease in earnings (form the main activity)

 Are those shifts temporary? 



Youth employment resilience during Covid-19



Resilience
 ILO definition referring to resilience as the capacity to “resist, absorb, accommodate, adapt to, transform

and recover from the effects of a hazard in a timely and efficient manner” (ILO, 2017).

 Work resilience: the ability of an individual to either
 maintain their employment status throughout the crisis
 or to recover post-lockdown if they lose their job during the lockdown.

 Work and income resilience: if they managed to remain in the same pre-Covid activity, during lockdown
and post-lockdown, or had a different activity since pre-Covid with greater or equal earnings by post-
lockdown.

 Binary definition and multinomial definition (distinguishing those who preserve the job throughout and
those who recover it within the resilient; not presented here)

Analytical sample

 Sample restricted to those who reported “working” as the main activity pre-pandemic.

Definition of Resilience and analytical sample 



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work resilience – binary definition (1)

i. those who were continuously
employed throughout the three
periods;



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work resilience – binary definition (2)

ii. those who lost employment
during the lockdown but
recovered after lockdown;



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work resilience – binary definition (3)

i. those who lost employment
during the lockdown and did not
recover after lockdown;



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work resilience – binary definition (4)

ii. those who resist the lockdown
but lost their employment post-
lockdown;



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work and income resilience – binary definition (1)

i. those who were continuously
employed throughout the
three periods and end up in a
same activity or in a different
activity with ≥ earnings



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work and income resilience – binary definition (2)

ii. those who lost employment
during the lockdown but
recovered after lockdown;
and end up in a same activity
or in a different activity with ≥
earnings



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work and income resilience – binary definition (3)

ii. those who lost employment
during the lockdown and did
not recover after lockdown;



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work and income resilience – binary definition (4)

ii. those who lost employment
during the lockdown and did
not recover after lockdown;

iii. those who resist the
lockdown but lost their
employment post-lockdown;



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work and income resilience – binary definition (5)

ii. those who lost employment
during the lockdown and did
not recover after lockdown;

iii. those who resist the
lockdown but lost their
employment post-lockdown;

iv. Those who were continuously
working but in a different and
less paid activity



Wave 1
Pre-
lockdown

Wave 2
Lockdown

Wave 3 
Post-lockdown

Work and income resilience – binary definition (6)

ii. those who lost employment
during the lockdown and did
not recover after lockdown;

iii. those who resist the
lockdown but lost their
employment post-lockdown;

iv. Those who were continuously
working but in a different and
less paid activity

v. those who lost employment
during the lockdown and did
recover after lockdown but in
a lower paid activity;



Table. Percentage of work and work and income resilient, by country 
(YC+OC)

Prevalence of resilient workers in India and Vietnam

India Vietnam
Work resilient
Resilient 0.89 0.85
Not resilient 0.11 0.15
Multinomial resilience
Continuously working 0.60 0.52
Recovered from job loss 0.30 0.33
Lost job and did not recovered 0.11 0.15
Work and income resilient
Resilient 0.58 0.75
Not resilient 0.42 0.25
N 742 1169



RESILIAN
CE

Demographic 
characteristics

HH characteristics

Skills

Education 
completed

Work experience

Round 1
Age 8

Round 2
Age 12

Round 3
Age 15

Round 4
Age 18

Round 5
Age 22

Phone survey
Age 25

Predictors of resilience

Pre-covid 
employment



𝑅𝑅𝑖𝑖𝑖𝑖 = 𝛽𝛽1𝑋𝑋𝑖𝑖 + 𝛽𝛽2𝐻𝐻𝐻𝐻𝑖𝑖 + 𝛽𝛽3𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑖𝑖 + 𝛽𝛽4𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝑖𝑖 + 𝛽𝛽4𝑊𝑊𝑊𝑊𝑊𝑊𝑆𝑆𝑖𝑖 + 𝛿𝛿𝐶𝐶𝑆𝑆𝐸𝐸𝑆𝑆𝐶𝐶𝐶𝐶𝑊𝑊𝑖𝑖+𝜖𝜖𝑖𝑖

Empirical  strategy 

 To estimate the predictor of post lockdown work (and income) resilience, we estimate the following 
model (1) for each country: 

• Sex
• ethnicity 

(mother’s 
native 
language 
is Spanish 
in Peru)

• Cognitive 
skills (math 
score, R5),

• Non-
cognitive 
skills (self-
efficacy; 
self-esteem, 
R5)

• Number of 
grades 
completed 
(call2)

• Wealth 
index 
tertiles (R5)

• Urban/Rural 
(call2)

• Any children 
in the hh

• #year of 
experience 
(pre-
pandemic, 
R4, R5)

• (pre-
pandemic) 
Econ sector 

• Own-account 
workers/wag
e worker 
(pre-
pandemic)

• Cluster fixed 
effect (call 
2)



Work resilience: who kept their jobs?

1. In both IN and VN female workers (8 pp) less likely to be work resilient than men (20 pps less in
PE)

2. In Vietnam younger workers (18-19 yrs old) are (6 pps) less resilient than 25-26 year old workers
(15 pps less in PE ; no significant difference in IN). Younger workers likely to have less work
experience and may bear costs of the pandemic for longer

3. Pre-pandemic own-account workers are (8 pps) more resilient than wage earners in IN (18 pps
more in PE; no significant difference in VN)

4. Those living in urban areas are less resilient in India (- 4 pps; and PE) while the opposite is true in
VN (4 pps difference)

5. Across all countries, young people working in (contact-intensive) economic sectors that were
severely impacted by the pandemic are less work resilient, particularly in VN

6. Skills are (weakly) related to work resilience: cognitive skills only marginally associated with higher
probability to be work resilient in IN and similarly for self-esteem in VN.



Work and Income resilience: Who kept their job and income? 

• Similar results as for work resilience: female and young workers most affected
• Female workers less work and income resilient than male workers BUT this is only significant in PE (13 pps difference)
• Younger workers (18-19 yrs old) less work and income resilient in VN (8 pps) (and in PE 18 pps; no significant difference in

IN)

• Pre-pandemic own-account workers better able to maintain income (beside their job) than wage
earners in the 3 countries

• Those working in those economic sectors that were severely impacted by the pandemic are less
work and income resilient.

• Skills are weakly related to work and income resilience: only cognitive skills are marginally associated
with higher work and income resilience in IN (no correlation with soft skills)



Lockdown increased the 
gender gap in 

employment: women’s 
employment has been 

disproportionally 
affected 

Figure: 
Change in 
average 
probability 
of being 
employed 
during 
2020

Source: Scott et al 
(forthcoming)



 “Women with Children Last? Unpacking the Post-lockdown Employment Recovery of Young Women in
the Global South”, Scott, Freund, Favara, Porter, Sanchez (forthcoming): investigates two possible
explanations:

Women are more likely to be employed in contact-intensive sectors, such as hospitality, severely
affected by covid related restrictions -> however, we found no evidence that this is one of the
mechanism at play

Women tend to have greater responsibility for childcare and domestic work, and that time
dedicated to these activities has increased since the outbreak, in particular due to school closures -
> we found this explains a substantive part (but not all) of the gender gap in employment
recovery post lockdown

Why were women most affected? 



• Protecting quality jobs: risk that informality and poorly paid jobs are leading the employment recovery.
What is the right policy mix (e.g. job recovery schemes including skills development / active labour
market policies for young workers)?

• Protecting the most vulnerable: ensure policies target and support most vulnerable segments of the
labour force, particularly female and younger workers. When do we need specific youth interventions or
will recovering LM in general improve their prospects? Do typical interventions such as first job, first
business still matter?

• More evidence needed on how the labour demand (together with the labour supply) adjusts to shocks

• Longer term impacts: What do we do with the (potential) long-term scars?

Policy considerations



Young Lives-upcoming plans



• Investigate long(-ish)-term effects and (any) evidence of scarring (exploiting call 5 data)

• Subjective Treatment Effect : a new method to estimate the “true” impact of the pandemic in absence of 
a valid counterfactual. 

• (More on the) Heterogeneous impacts of the pandemic:
• identifying how the most vulnerable have responded to the pandemic 
• identifying how the nature of young people’s jobs have changed over the course of the pandemic

• Skills for employability and the role of foundational cognitive skills and competencies 

Further analysis on youth employment



Upcoming plans
On data collection

1. New face-to-face (F2F) round in 2023 
(and 2025)

2. New horizons of data collection: subject 
to availability of funds in 2022 we have 
plans to:
 Collect biomarkers for a subset of the 

YL children.
 Initiate data collection for a new 

birth cohort (COVID-19 cohort study).
On research:
3. Expand the research agenda on youth 

employment  (the role of foundational 
cognitive  skills for employability)

4. New areas of research: food security, 
mental health, domestic violence



Visit our website: 
www.younglives.org.uk

Access Young Lives data:

Follow us on social media:

@yloxford

YoungLivesStudy

Young Lives

Recent YL headlines & finding out more

Special thanks to the children and families who 
participate in Young Lives, without whom this study 

would not exist. 

http://www.younglives.org.uk/


Thank you 

Young Lives is a collaborative partnership between research institutes, universities and 
NGOs in the four study countries and the University of Oxford. 

Young Lives at Work is funded by UK aid from the Foreign, Commonwealth and 
Development Office (FCDO).

We are hugely grateful to our collaborators, research teams, wider staff and funders.

Special thanks to the children and families who participate in Young Lives, without 
whom this study would not exist. 



ANNEX



Key 
features

Presenter
Presentation Notes
It is the largest, mixed methods longitudinal study running in low and middle-income countries. It is a collaborative study: it relies on children, young people and their families giving of their time and experience; a number of donors fund it; it happens alongside partners in a number of countries.It is a comparative study: we can compare the same young people at different ages to see how their lives are changing, as well as different youth at the same age, to see how their communities have changed over time. It is conducted simultaneously in four countries across three continents so we can compare the effects of poverty and inequality for children and young people and make comparisons that are relevant for other countries with similar circumstances.It is a holistic, mixed methods study. It explores all aspects of children’s lives in their family and community using complimentary research methods – collecting quantitative, qualitative data using a variety of interview methods and designs It produces robust, academically rigorous evidence and now a uniquely long time window to understand the later consequences of early circumstances.It has long-term working relationships with networks, alliances and policy makers in our study countries and internationally 



Ethiopia

SAMPLING DESIGN (1)
Four stages sampling process:
1. Regions (Amhara, Orormia, SNNPR, 

Tigray and Addis Ababa, accounting for 
96% of national population)

2. Woredas (districts) (3-5 districts in each 
regions, 20 in total) with a balanced 
representation of poor and less poor hh, 
urban and rural)

3. Kebele (at least 1 for each woredas)
4. 100 young children (born in 2001-02) 

and 50 older children (born in 1994-5) 
were selected within those sites.

Criteria to select districts:
1. Districts with food deficit profile
2. Districts which capture diversity across 

regions and ethnicities in both urban and 
rural areas

3. Manageable costs in term of tracking for 
the future rounds

Comparing with DHS and WMS 2000: 2000:
Poor hh are over-sampled, but YL covers the 
diversity of children in the country including 
up to 75% percentile of the Ethiopian 
population. 

Presenter
Presentation Notes
If a selected family had both 1-year-old and 8-year-old children, the younger child was included (since a greater number needed to be enrolled).WMS: Welfare Monitoring Survey Attrition from Round 1 to 4   	YC	OC	Overall Ethiopia	2.2% 	8.4% 	4.3% India 	2.6% 	4.3% 	3.2% Peru  	6.3% 	10.3% 	7.3% Vietnam 	2.9% 	9.9% 	5.3% Total: 	3.6% 	8.1% 	5.0% 



India

SAMPLING DESIGN (2)
Four stages sampling process:
1. Regions (Coastal Andhra, Rayalaseema, 

and Telangana
2. Districts 
3. 20 sentinel sites (mandal)
4. 100 young children (born in 2001-02) 

and 50 older children (born in 1994-5) 
were randomly selected within those 
sites.

Criteria followed:
1. Uniform distribution across regions
2. One poor and one non-poor district in 

each region (based on economic, 
human development and infrastructure 
indicators)

Comparison to the DHS 1998/9: 
YLs hh seem to be slightly wealthier than 
the average household in Andhra Pradesh.  
Despite these biases YL sample covers the 
diversity of children in poor households in 
Andhra Pradesh

Presenter
Presentation Notes
If a selected family had both 1-year-old and 8-year-old children, the younger child was included (since a greater number needed to be enrolled).The old Andhra Pradesh includes 23 administrative districts for a total of  1,125 mandals with generally between 20 and 40 villages in a mandal, Criteria followed:1. a uniform distribution of sample districts across the three regions to ensure full representation of the regions2. the selection of one poor and one non-poor district in each region, based on a ranking of development indicators3. consideration was also given to issues that might impact on childhood poverty in poor districts and mandals, including the presence (or not) of the Andhra Pradesh District Poverty Initiative Programme (APDPIP).A comparison to the DHS 1998/9 (the year closest to Round 1 of Young Lives in 2002), indicates that the Young Lives sample includes households with better access to services and more ownership of assets and thus includes some biases. A comparison on the wealth index scores reveals that theYoung Lives households seem to be slightly wealthier than the average household in Andhra Pradesh. These differences could be accounted for in part by the earlier data collection year of the DHS. Despite these biases, it is shown that the Young Lives sample covers the diversity of children in poor households in Andhra PradeshAttrition from Round 1 to 4   	YC	OC	Overall Ethiopia	2.2% 	8.4% 	4.3% India 	2.6% 	4.3% 	3.2% Peru  	6.3% 	10.3% 	7.3% Vietnam 	2.9% 	9.9% 	5.3% Total: 	3.6% 	8.1% 	5.0% 



Peru

SAMPLING DESIGN (3)

Sampling process:
1. Sample frame at district level excluding 

the top 5% richest district based on 
poverty map 2001

2. Districts divided in population groups 
ordered by poverty index and randomly 
selected to cover rural, urban, peri-
urban coastal, mountain and amazon 
areas (random selection proportional to 
district population)

3. Within the selected districts a village 
was randomly chosen 

4. Within each village the street blocks 
were counted and randomly numbered 
to select the starting point. 

Comparison to the DHS 2000: 
YL cover the diversity of children and hh in 
Peru

Presenter
Presentation Notes
A comparison of Round 1 to the Demographic and Health Survey 2000 (DHS 2000) shows that the Young Lives sample covers the diversity of children and families in Peru (Escobal and Flores 2008). At the same time, their analysis indicates that, on average, the Young Lives sample includes households with more education, with better access to services and more ownership of assets than in the DHS. However, this does not take into account the fact that in the Young Lives sample for Peru, each district had a probability of being selected proportional to its population size. Once each observation is adjusted to account for this, many of the differences found between the Young Lives and the DHS 2000 samples are not significant. For this reason, we report results for the Young Lives sample in Peru using the sampling frame, as these are the results that most closely resemble what is happening in the country. Attrition from Round 1 to 4   	YC	OC	Overall Ethiopia	2.2% 	8.4% 	4.3% India 	2.6% 	4.3% 	3.2% Peru  	6.3% 	10.3% 	7.3% Vietnam 	2.9% 	9.9% 	5.3% Total: 	3.6% 	8.1% 	5.0% 



Vietnam

SAMPLING DESIGN (4)
Four stages sampling process:
1. Regions (5/8 regions, North-East region, Red River 

Delta, City, South Central Coast, Mekong Delta.
2. Provinces (5 in total ,1 per region, Lao Cai, Hung 

Yen, Da Nang Phu Yen,  Ben Tre).
3. Sentinel sites (4 commune per province, 2 poor, 1 

average and 1 above-average commune )
4. 100 young children (born in 2001-02) and 50 older 

children (born in 1994-5) were selected within 
those sites.

Criteria followed (to rank communes):
1. Development of infrastructure,  
2. Percentage of poor households in the commune
3. Child malnutrition status.
Comparison to the DHS and VHLSS 2002: 
The urban sector is under-represented (in terms of 
population and the level of development). YL includes 
hh with on average less access to basic services and 
slightly poorer than the average in Viet Nam.  YL  
sample covers the diversity of children in the country.

Presenter
Presentation Notes
Among the 31 communes initially selected, 15 were from the poor group (48%), nine from the average group (29%), and seven (23%) from the above-average group.Other criteria used in the selection were: the commune should represent common provincial features; commitment from local government for the research; feasibility of research logistics;  population size.VietNam Household Living Standards Survey (VHLSS)Attrition from Round 1 to 4   	YC	OC	Overall Ethiopia	2.2% 	8.4% 	4.3% India 	2.6% 	4.3% 	3.2% Peru  	6.3% 	10.3% 	7.3% Vietnam 	2.9% 	9.9% 	5.3% Total: 	3.6% 	8.1% 	5.0% 



Listening to YLAW: COVID-19 phone survey
Call 1

Getting–in-touch call
(June/July 2020)

• Household Roster
• COVID-19 related 

knowledge
• Protective 

behaviors
• Impact on 

education
• Impact on health
• Impact on 

economic activities

Call 3
Follow up call 

(Nov/Dec 2020)

• Education
• Food security
• Mental health
• Employment and 

earnings (since call 2, 
past 7 days)

• Trust, solidarity, 
collective action and 
cooperation

• Violence (India and 
Peru only) 

Call 2
Main survey call

(Aug/Oct 2020)

• COVID-19: Behaviors 
and risk perceptions

• Socio-economic status
• Economic shocks since 

the outbreak
• Food security
• Health
• Education
• Time use during the 

lockdown
• Employment and 

earnings (pre-
outbreak, during 
lockdown and past 7 
days)

• Subjective well-being 
and mental health

• Domestic violence 
(India and Peru only)

Call 4
Getting–in-touch call

(August 2021)
• Migration
• Marital status
• Roster and household 

characteristics
• Pregnancies
• COVID-19 infections
• COVID-19 vaccinations
• GPS online survey pilot 

Call 5
Main survey call

(Oct/Dec 2021)
• COVID-19: Infection and 

vaccinations
• Socio-economic status
• Economic changes 
• Social programmes
• Food security
• Anthropometrics
• PERU-MRC module
• Education
• Employment and 

earnings
• Trust, attitudes, family 

planning
• Subjective wellbeing 

and mental health
• Data Matching Consent
• GPS online survey

Presenter
Presentation Notes
What is different from the other COVID-19 surveys: Based on a sample whose characteristics are knownProvides baseline pre-pandemic informationIt builds on a long-term relationship with respondents enabling to approach them in difficult circumstance in a sensitive way, improving the quality of information collected (and reducing refusals);Recent tracking data (end of 2019) minimizes (selective) attritionIt focuses on those families that are likely to be most affected by the crisis given the pro-poor nature of the samplesThe comparisons of the two YL cohorts at the same ages, but in different years (OC in 2009 and YC in 2020), reveals the effects of the pandemic, new policies and other changes in the settingsThe combination of the phone survey together with the postponed round 6 (and possibly round 7) allow us to identify the short term and medium-long term effect of COVID-19 and any (recovering) trajectories.The four countries structure can inform on the differential impact of the COVID-19 according to the different contexts and the strategies implemented by governmentsVery diverse experience during the pandemic, both in the number and severity of cases. Covid-19 has had by far the most striking impact in Peru, followed by India.Note that in call 5 LM we also cover the march period and introduce STE. We also have a combined call 4/call 5 version. 



Total attrition rates

Round 5
(2016) Call 1 Call 2 Call 3 Call 4

% 2001 
sample

% 2001 
sample

% 2019 
tracking 
sample

% 2001 
sample

% 2019 
tracking 
sample

% 2001 
sample

% 2019 
tracking 
sample

% 2001 
sample

% 2019 
tracking 
sample

ETHIOPIA 12.4% 17.7% 8.5% 18.7% 9.6% 30.0% 22.2% 41.2% 34.6%

INDIA 6.5% 8.9% 2.3% 8.8% 2.2% 8.9% 2.3% 9.0% 2.4%

PERU 10.8% 24.0% 5.1% 25.1% 6.4% 26.3% 7.9% 24.9% 6.2%

VIETNAM 5.1% 14.7% 9.6% 16.0% 11.1% 16.8% 11.9% 17.3% 12.4%

TOTAL 8.7% 16.2% 6.4% 17.0% 7.3% 20.4% 11.1% 23.1% 14.1%

10, 764 9,880 9,785 9,384 9,067



Education attainment (19 years old)

Highest education level completed by 19 yrs old who have dropped out by Nov/Dec 
2020

Ethiopia India Peru Vietnam

Male (%)
Female 
(%) Male (%)

Female 
(%) Male (%)

Female 
(%) Male (%) Female (%)

Incomplete primary 53.9 63.03 17.85 18.31 1.5 1.99 4.6 1.53
Complete primary only 40.43 29.41 50.46 49.45 10.73 12.94 56.32 43.26

Complete secondary only 0.71 0 18.77 24.04 62.66 63.18 32.18 49.11
Tertiary 4.96 7.56 12.92 8.2 25.11 21.89 6.9 6.11
N 141 119 325 366 466 402 435 393

Highest education level completed by 19 yrs old who are still in education by Nov/Dec 2020
Ethiopia India Peru Vietnam

Male (%)
Female 
(%) Male (%)

Female 
(%) Male (%)

Female 
(%) Male (%) Female (%)

Primary 40.38 33.94 0 0 0 0 0 0
Secondary 50.43 50.64 24.33 18.2 14.44 11.65 1.54 1.13
Tertiary 9.19 15.41 75.67 81.8 85.56 88.35 98.46 98.87
N 577 545 674 500 284 369 390 444

Presenter
Presentation Notes
Make the point here that gender disparities are clearer when moving away from the “average values” and look at subgroups, intersecting inequalitiesThis is a summary of the next slidesGirls who marry later stay in school for longer (and vice versa) . Gender gaps in enrolment widen during adolescence as social norms that disadvantage girls become more salient and interact with structural factors.Poverty is a risk factor. Where resources are limited, gendered social risks become more acute and parents are forced to make decisions which disadvantage girls. Aspirations matter but reflect wider realities. Girls and caregivers’ aspirations fall during adolescence as girls’ lack of opportunities and vulnerability to gendered risks become more pronounced. Social norms that encourage early child bearing are compounded by inequitable access to health and education services, causing some married girls to give birth earlier than others. 



Education attainment (25 years old)

Highest education level completed by 25-26 yrs old who have dropped out by Nov/Dec 2020
Ethiopia India Peru Vietnam

Male (%)
Female 
(%) Male (%)

Female 
(%) Male (%)

Female 
(%) Male (%) Female (%)

Incomplete primary 30.89 25.37 6.78 11.06 1.49 1.76 1.55 1.47
Complete primary only 41.46 39.3 24.94 37.1 8.46 11.76 43.15 28.61
Complete secondary only 5.69 1 13.8 14.75 26.37 25.29 20.16 20.29
Tertiary 21.95 34.33 53.51 36.18 63.68 61.18 35.14 49.63
N 246 201 413 434 201 170 387 409

Highest education level completed by 25-26 yrs old who are still in education by Nov/Dec 2020
Ethiopia India Peru Vietnam

Male (%)
Female 
(%) Male (%)

Female 
(%) Male (%)

Female 
(%) Male (%) Female (%)

Primary 12.12 6.9 0 0 0 0 0 0
Secondary 18.18 17.24 0 0 0 3.7 0 0
Tertiary 69.7 75.86 100 100 100 96.3 100 100
N 99 87 17 15 35 27 9 6

Presenter
Presentation Notes
Make the point here that gender disparities are clearer when moving away from the “average values” and look at subgroups, intersecting inequalitiesThis is a summary of the next slidesGirls who marry later stay in school for longer (and vice versa) . Gender gaps in enrolment widen during adolescence as social norms that disadvantage girls become more salient and interact with structural factors.Poverty is a risk factor. Where resources are limited, gendered social risks become more acute and parents are forced to make decisions which disadvantage girls. Aspirations matter but reflect wider realities. Girls and caregivers’ aspirations fall during adolescence as girls’ lack of opportunities and vulnerability to gendered risks become more pronounced. Social norms that encourage early child bearing are compounded by inequitable access to health and education services, causing some married girls to give birth earlier than others. 



Employment information available in YL Round 5 &Phone Survey

Round 5
In-person survey round

(2016)

• Employment status in the 
last year 

• Employment status in the 
last week

• Whether seeking work
• Reasons for inactivity
• Job satisfaction
• Reservation wage
• Type of sector and activity
• Employer 
• Details of payment 
• Task content
• Firm size
• Non-wage benefits 

(including contract and 
insurance)

• Length of employment
• Work-related training

Call 3
Follow up call 

(Nov/Dec 2020)

• Employment status 
since Call 2

• Work modality 
• Employment status in 

the last week
• Type of sector and 

activity
• Employer 
• Details of payment 

Call 2
Main survey call

(Aug/Oct 2020)

• Employment status in the 
last year 

• Employment status before 
the pandemic

• Employment status in the 
last week

• Whether seeking work
• Reasons for inactivity
• Type of sector and activity
• Employer 
• Details of payment 
• Length of employment (in 

last year)
• Contract and insurance 

status
• Migration for work
• Work during lockdown
• Reasons for not working 

during lockdown
• Work modality during 

lockdown

Call 1
Getting–in-touch call
(June/July 2020)

• Whether lost income, 
lost job and/or 
suspended without 
payment due to the 
pandemic 

• Work modality during 
lockdown

Presenter
Presentation Notes
The employment status is defined based on whether the respondent have worked for at least an hour, paid or unpaid, in his/her own business, for a household member, or for someone else during the [reference period] or has a job but could not work during the [reference period]. Beside the employment status, information about the main activity (defined as the most important paid or unpaid activity in terms of time devoted to it) are available for Waves 1, 3 and 5. Notably,  paid activities are those for which the respondent receives any form of payment, either in cash, in-kind, both in cash and in-kind, or in the form of debt relief or pocket money. In these waves, corresponding information about the type of main activity, economic sectors, earnings, and types of payments are also collected, which are elaborated below. The information collected in Waves 1, 3 and 5  allow us to identify self-employed and wage workers. Self-employed refers to those who are own account/self-employed (own business or farm) or work for a household member and are in a self-employed activity. In Peru, non-remunerated household members are considered self-employed workers. Wage-employed workers are those who work for works for a private company/enterprise or cooperative, for a household member, other private individual/household (excl. own household), public sector/government, or a rural public works program.Economic sector of the main activity collected in these waves also allow us to distinguish workers according to the economic sectors they are working on and more specifically to distinguish whether they are working in low/medium/high productivity section as defined by XXX. High  productivity sector includes i) mining and extraction ii) electricity and water and iii) finance, insurance and real estate. The medium productivity sector includes i) construction, ii) manufacturing and transportation and iii) storage and communications. The low productivity sector includes i) agriculture, fisheries and forestry ii) social, personal and government services and iii) wholesale and retail.Housewives, students, housemaid, or individuals taking care of other household members (such as children, disabled, ill, elderly) are not considered as employed. 



Households tend to resort to more traditional gender roles at 
times of stress

Presenter
Presentation Notes
In Ethiopia, 70% of young women spend increased time on household duties during lockdown compared to only 26% of young men; whilst 46% young women undertook increased childcare compared to 19% young men.In India, 67% of young women spend increased time on childcare and household duties during lockdown compared to only 37% of young menIn Peru, during the lockdown, young people spent more time on household and caring responsibilities than before, and the burden was greater for women. In Vietnam, during the lockdown period in early April, the Young Lives sample of young people took on more household responsibilities than before.  However the additional burden fell disproportionately on females and those aged 26 years (in the case of childcare). 



Figure Sequential plots of employment status over periods

A graphical illustration of in-out of employment transition over 
periods



Figure Sequential plots of employment status over periods



School closures during 2020
 In Peru, lockdown restrictions were relaxed between July-September. Although there were no 

official lockdowns for the remainder of 2020, a number of restrictions remained in place from 
October, including, crucially, the physical closure of educational institutions at all levels (with 
the exception of some rural schools) and  childcare services.

 In India, relaxation of restrictions took place through a number of phases. The government 
permitted schools to reopen from the 15th October 2020. 
 In Telangana, educational institutions remained closed throughout all of 2020.
 In Andhra Pradesh, educational institutions reopened in a phased manner, with classes 9-

12 returning on 2nd November, class 8 returning on 23rd November and classes 6-7 
returning on December 14th. Classes 1-5 only reopened in the beginning of February 2021

 Throughout the gradual opening, attending physical classes was staggered and schools 
were only open for half-days.

 In Vietnam, lower and higher secondary schools reopened on May 4 and primary schools 
reopened on May 11.
 Schools then closed for the end of the academic year and reopened in early September as 

usual. 

Presenter
Presentation Notes
Peru occupied the highest global position in the rankings of Covid-19 cases and deaths per capita during most of 2020. As of 31st December 2020, the number of deaths (per million) was more than 26 times higher in Peru than in India, and more than 7,000 times higher in Peru than in Vietnam.
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